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ABSTRACT 

 

Mental health disorders are common among individuals incarcerated in prison and are 

associated with a host of negative outcomes both during and after incarceration. Unfortunately, 

the prison environment involves unique challenges for traditional mental healthcare (e.g., 

distrust, limited autonomy over treatment), which can prevent individuals from accessing care. 

Additionally, staff shortages and competing responsibilities make it so the Wisconsin 

Department of Corrections (DOC) is unable to offer mental healthcare to every individual in 

need. To address this widespread need for mental health services and challenges with traditional 

mental healthcare, the Wisconsin DOC implemented the Certified Peer Specialist (CPS) 

Program, which trains incarcerated individuals with mental health difficulties, substance use 

disorders, and/or a history of trauma to provide support to their peers. Limited research suggests 

positive effects of peer support in the US, but mainly anecdotal reports are available and suggest 

positive effects in carceral settings. The purpose of this dissertation was to 1) evaluate the 

effectiveness of the CPS program at improving critical DOC-defined outcomes (conduct reports, 

clinical observation placements, rate of recidivism) for individuals who participated compared to 

those who did not, and 2) evaluate whether there were facility-wide positive effects of the CPS 

program (e.g., overall reductions in restrictive housing placements, clinical observation 

placements, or conduct reports). Because participation in the CPS Program was not randomized, 

quasi-experimental methods (i.e., Propensity Score Matching, Time Series analysis) were used to 

estimate the effects of the program. Aim 1 analyses revealed that CPS Program participation was 

associated with reductions in major conduct reports and rates of recidivism, and for individuals 

involved in the CPS Program, attending more sessions with a CPS Provider was associated with 

fewer total and major conduct reports. Aim 2 analyses revealed facility-wide reductions in 
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restrictive housing placements at three facilities, but facility-wide impacts on clinical observation 

placements were mixed. These results suggest overall positive effects of the CPS Program for 

individuals who receive peer services and have far-reaching policy implications for the use of 

peer support in carceral settings.  
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CHAPTER 1. GENERAL INTRODUCTION 

 

There Is an Urgent Need for Mental Healthcare among Incarcerated Individuals 

 

Among the approximately 20,000 individuals incarcerated in Wisconsin state prisons 

(over 19,000 males and 1,200 females), rates of mental health disorders are disproportionately 

higher than among individuals in the outside community (Wisconsin Department of Corrections, 

2022). Based on Wisconsin Department of Correction (DOC) reporting, 41% of incarcerated 

males and 89% of incarcerated females have a mental health condition (Wisconsin Department 

of Corrections, 2022). Of those with mental health conditions, approximately 7% of males and 

34% of females have a serious mental health disorder (i.e., bipolar disorder, psychotic disorder, 

personality disorder, or severe depression) (Wisconsin Department of Corrections, 2022). 

According to the University of Wisconsin – Madison Population Health Institute, approximately 

56% of incarcerated adults meet criteria for a substance use disorder (Vigna & Connor, 2020). 

These disproportionately high rates of mental health disorders among incarcerated individuals 

are not unique to Wisconsin; according to national statistics, more than half of those incarcerated 

in state prisons and nearly two-thirds of those incarcerated in jails meet criteria for a substance 

use disorder (Bronson et al., 2017). Research also suggests that a high proportion of incarcerated 

people have experienced some form of trauma during their lives, and at relatively early ages. 

One study found that as many as 96% of males and 98% of females had experienced some form 

of trauma, and physical and sexual assault were more commonly experienced than among 

community members (Green et al., 2005; Gunter et al., 2012; Neller et al., 2006). Up to 

approximately 20% of community members experienced abuse before the age of 18, but up to 

nearly 60% of incarcerated males and 80% of incarcerated females experienced abuse before age 

18 (Gunter et al., 2012; Scher et al., 2004).  
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While incarcerated, individuals with mental health symptoms are more likely to be 

victimized, creating a cycle of violence and further exacerbating mental health symptoms (Blitz 

et al., 2008; Wolff et al., 2009). Additionally, incarcerated individuals with mental health 

conditions show more difficulty adjusting to prison; they show higher rates of disciplinary 

problems, rule violations and physical assaults, and are more likely to receive severe disciplinary 

responses (including segregation) for minor rule violations than those without mental health 

conditions (Clark, 2018; Ditton, 1999; Felson et al., 2012; Houser & Belenko, 2015). Following 

incarceration, individuals with a history of trauma exposure or mental health conditions are at 

higher risk of substance use relapse (Kubiak, 2004), increased risk for violence perpetration 

(Baillargeon et al., 2010; Castillo & Fiftal Alarid, 2011), increased risk for recidivism 

(Baillargeon et al., 2009; Wallace & Wang, 2020), and return to prison faster than those without 

a mental health condition (Cloyes et al., 2010). 

The high rates of mental health conditions for incarcerated individuals are likely due in 

part to difficulty adjusting to the prison environment. Prisons are unpredictable environments in 

which people have very little control over their daily lives and decisions. For newly incarcerated 

individuals, incarceration comes with new rules, a new environment, and new people (including 

facility staff and co-residents) to whom they must adjust. “Well-adjusted” incarcerated 

individuals are expected to follow institutional rules, desist from violence and aggression, and 

engage in programming. However, this adjustment is difficult for many, and “maladjusted” 

individuals often show violence, aggression, withdrawal and various other internalizing 

symptoms (De Viggiani, 2007; Rogers et al., 2022). Lack of autonomy and the unpredictability 

of the prison setting also increases feelings of distress, anxiety, depression, and hopelessness 

(Goomany & Dickinson, 2015; Nurse et al., 2003; Quandt & Jones, 2021).  
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Moreover, people in prison are cut-off from their family and friends in the community 

(Quandt & Jones, 2021), removing them from their most crucial social support systems. Multiple 

studies have reported that separation from family and friends is one of the most difficult aspects 

of prison life to deal with (Goomany & Dickinson, 2015; Nurse et al., 2003), and among women 

in prison, separation from children leads to additional feelings of guilt and distress (Lindquist & 

Lindquist, 1997; Poehlmann, 2005; Quandt & Jones, 2021). Social isolation is reported as a key 

factor in self-harm among incarcerated people (Kaba et al., 2014), and women who reported 

inadequate social support had greater symptoms of depression, hopelessness, and lower self-

esteem (Asberg & Renk, 2014). While visitation from family or friends may reduce the strain of 

social isolation, it is impossible to recreate the social bonds a person would have outside of 

prison (Cochran & Mears, 2013). Promising research shows that increased social support while 

incarcerated is related to less physical/verbal aggression, reduced anger and hostility, and less 

instances of violence (Jordaan & Hesselink, 2022; Rocheleau, 2015), highlighting social support 

as a critical need for individuals in prison.  

Mental Health Services in Prison are Unable to Meet These Needs 

 

 Much research has been dedicated to understanding whether mental health treatment 

during incarceration can improve behavior and attitudes during incarceration or reduce a 

person’s likelihood for recidivism after release. A review conducted by French & Gendreau 

(2006) evaluated the effectiveness of various behavioral and non-behavioral treatment programs 

at reducing instances of prison misconduct. They found that behavioral programs (e.g., cognitive 

behavioral treatment (CBT)) had the largest effect at reducing misconduct during incarceration 

(French & Gendreau, 2006). Dialectical behavioral therapy (DBT), which focuses on emotion 

regulation and distress tolerance, among other skills, has also shown promising results at 
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improving mental health and behavior for people in prisons. Participation in DBT was associated 

with reductions in anger, violence, and uses of force (by correctional officers) during 

incarceration (Evershed et al., 2003; Shelton et al., 2009; Trupin et al., 2002) and was associated 

with reductions in recidivism after release (Nyamathi et al., 2018). In addition to traditional 

mental health treatment, more positive coping skills, such as getting support from others and 

venting emotions, were associated with fewer instances of serious misconduct in prison 

(Rocheleau, 2014). 

 Across many DOC facilities, cognitive behavioral programming, domestic violence 

counseling, substance use disorder treatment, anger management, various trauma-focused group 

treatments, and other programs and services are being offered (Office of Program Services 

Research and Policy Unit, 2022; Wisconsin Department of Corrections, 2022). These programs 

show varying degrees of effectiveness at reducing recidivism (rearrest, reincarceration, or 

reconviction after release) (Office of Program Services Research and Policy Unit, 2022), 

although no data was available on the efficacy of these programs at reducing symptoms of 

mental health disorders. Some facilities offer programs aimed at reducing symptoms of mental 

health disorders or trauma reactions, but these programs vary widely across institutions and are 

dependent on staffing availability (McDermott & Cooper, 2021).   

Even with increased programming in recent years, the mental health services currently 

available in Wisconsin adult prisons are unable to meet the needs of the many people who need 

services. Per DOC policy, the Psychology Services Unit (PSU) is responsible for 25 competing 

responsibilities (Division of Adult Institutions, 2021). The first priorities are crisis intervention, 

urgent referrals, and other immediate requests. Conducting group therapy and 

supervising/leading programs are specifically listed as the 23rd and 25th priorities for the PSU, 
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respectively (Division of Adult Institutions, 2021). Made worse by the COVID-19 pandemic, 

understaffing in PSUs is a severe problem. In June 2023, PSUs across the DOC were 26.7% 

understaffed on average (Bureau of Budget & Facilities Management, n.d.). This has led to 

reduced programming and mental health treatment opportunities as facilities attempt to cope with 

the immediate needs of the population.  

 In addition to staff shortages, many other barriers make traditional mental healthcare 

difficult in the prison setting. Research shows that the quality of the therapeutic alliance predicts 

clinical outcomes, regardless of the type of psychotherapy used or outcomes assessed (i.e., better 

therapeutic alliance predicts better clinical outcomes) (Tschuschke et al., 2020). In the prison 

setting, therapeutic alliance is limited by distrust or perceived disrespect between staff and 

incarcerated people or a lack of privacy (Bright et al., 2022; Canada et al., 2022). Moreover, 

incarcerated individuals may be hesitant to seek treatment due to stigma regarding mental health 

disorders, privacy and confidentiality concerns, lack of autonomy over treatment decisions, 

variability in access to mental health services across institutions, and perceiving institution staff 

as “gatekeepers” to services (Bowen et al., 2009; Canada et al., 2022; Plugge et al., 2008). For 

those who do engage in treatment, they may be hesitant to disclose personal information to 

prison staff, limiting the effectiveness of traditional therapy. For example, one individual 

reported “Counseling did not alter my mood one way or the other. I did not feel comfortable 

enough to divulge any information because you never know what they may put in your records” 

(Ring & Gill, 2017, p. 17). 

There are Additional Barriers to Mental Health Treatment in Prison 

 

Aside from barriers specific to the prison setting, additional barriers apply for many 

individuals who are incarcerated. Black individuals are overrepresented in prisons across the 
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United States (Sabol & Johnson, 2022), and in the Wisconsin Department of Corrections, Black 

individuals make up approximately 40% of the prison population compared to only 7% of the 

community population (U.S. Census Bureau, 2021; Wisconsin Department of Corrections, 

2022). In contrast, approximately 87% of Wisconsin DOC staff were White and 5% were Black 

in 2020 (Wisconsin Department of Corrections: Bureau of Human Resources, 2020). One study 

found that Black and Latinx individuals are less likely to access mental healthcare compared to 

White individuals in prison (Steadman et al., 1991), and another found that both Black and 

Latinx individuals reported inadequate cultural competence in the delivery of mental health 

services across the criminal justice system (Primm et al., 2005). However, research on the 

utilization of mental healthcare by specific cultural and ethnic groups while incarcerated is 

lacking.  

Outside of the carceral system, Black and Latinx individuals have less access to mental 

healthcare, are less likely to utilize mental healthcare, show significant disparities in health care 

expenditures, and report less adequate care when they do access mental healthcare (Alegría et al., 

2008; Lê Cook et al., 2010, 2014, 2017). These disparities are largely seen in the initiation of 

care, meaning Black and Latinx individuals are less likely to reach their first mental healthcare 

visit and less likely to fill their first medication prescription (Lê Cook et al., 2010). These 

disparities in care are for numerous reasons, such as concerns over stigma, cost of treatment, 

poor therapeutic alliance, minimization of mental healthcare needs, not believing treatment will 

be effective, and are driven by historical abuses, mistrust or fears of mistreatment by 

professionals in health care (Alang, 2019; Fripp & Carlson, 2017; Ojelade et al., 2011). Research 

has found that a large percentage of racial and cultural minority groups (more than 50%) report 

experiencing microaggressions from their therapists, even when those therapists are from racial 
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or ethnic minority groups as well (Owen et al., 2014), and perceived discrimination is associated 

with poorer mental health outcomes (Pascoe & Smart Richman, 2009). 

In prisons, these disparities may be even more pronounced. Stigma surrounding mental 

health and a heightened sense of vulnerability likely make it difficult for individuals to seek 

mental health care. Cultural and ethnic differences between providers of mental health care and 

the individuals who seek care in prison likely exacerbate these fears, especially when considering 

the high rates of microaggressions experienced during therapy by racial and cultural minorities 

and constant concerns over security of information while in prison. When mental health 

providers do not share a similar background or identity, it may be even more difficult for 

incarcerated individuals to form a therapeutic alliance or trust the care they are receiving will be 

beneficial, leading to a serious unmet need for mental healthcare among these individuals.   

Peer-Led Programming Provides a Potential Solution to Treatment Barriers 

 

Due to this combination of challenges (i.e., high number of residents needing care, 

variety of responsibilities that PSUs must manage, staff shortages, barriers to therapeutic 

alliance, concerns over confidentiality), additional methods to address mental health needs have 

been explored within the Wisconsin DOC. Peer support has emerged as a promising option to 

address these challenges. Peer support services do not fall under the traditional “medical model” 

of mental health care, but instead are built on a foundation of shared experience and trust. A 

contemporary definition of peer support is “social and/or emotional support that combines 

expertise from lived experience that is delivered with mutual agreement by persons who self-

identify as having or had mental health as well as other social, psychological, and medical 

challenges to bring about self-determined personal change to the service user” (Fortuna et al., 

2022). Typically, providers of peer support are individuals who are successfully managing their 
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mental health and substance use needs (e.g., have been sober for a number of years) and are often 

referred to as “peer specialists,” “peer support specialists,” “peer navigators,” or “consumer-

providers” in the literature  (Certified Peer Specialist, n.d.; Fortuna et al., 2022). For the 

purposes of this project, these individuals will be referred to as “peer specialists.” 

 Depending on the agency in which a peer specialist operates, they can have a wide 

variety of competencies and goals (Legere & Davidow, n.d.; Solomon, 2004). Commonly, these 

competencies fall into three categories. The first, “one-on-one peer support,” includes knowledge 

of the peer support principles, self-determination, and empathic listening. The second, “being a 

change agent,” includes having knowledge of recovery approaches and relevant literature, being 

focused on hope and recovery, and having knowledge and the ability to carry out conflict 

resolution. The third, working from a stance of being “in” but not “of” the system, may be 

especially relevant for incarcerated individuals. This involves knowledge and application of the 

peer support code of ethics, knowledge of trauma-informed and trauma-sensitive approaches, 

knowing how to identify power dynamics, and knowledge of human experience recovery 

language (Certified Peer Specialist, n.d.; Legere & Davidow, n.d.). 

Peer support services in mental and behavioral healthcare have been utilized for decades, 

but research investigating the effectiveness of peer support services remains limited. Starting in 

early adolescence, the influence of peers on an individual’s behavior becomes critical 

(Brechwald & Prinstein, 2011; Brier, 1995; Dubow et al., 2001). While much research has 

established the potential negative effects of peer influence, peers can have positive influences as 

well (Brier, 1995; Butman, 2009; Dubow et al., 2001; Huefner et al., 2018; Lee & Thompson, 

2009), and recent research has found that positive peer influences can reduce problem behavior 

for youth in group homes (Huefner et al., 2018). Other research has focused on the influence of 
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deviant peers on youth’s behavior, and while there is a clear potential for negative outcomes 

(Dishion et al., 1999; Dubow et al., 2001), research suggests that deviant peers may not exert an 

insurmountable influence on a youth’s behavior (Lee & Thompson, 2009). One study found that 

there was no relationship between exposure to deviant peers and a person’s own externalizing 

behavior, especially when the majority of peers were not deviant (Huefner et al., 2018; Lee & 

Thompson, 2009). These results have important implications for the prison environment. If it is 

true that the number of peers engaging in deviant behavior (e.g., less than half) in a space (e.g., a 

group home or prison housing unit) directly impacts a person’s likelihood to engage in deviant 

behavior, then reducing the number of deviant acts in a space should cause more and more 

individuals to desist from deviant behaviors.  

Among adults, research investigating peer support services has shown reduced re-

hospitalizations (Min et al., 2007), decreased substance use (Reif et al., 2014; Rowe et al., 2007), 

reduced substance relapse (Boisvert et al., 2008), and reduced number of homeless days (van 

Vugt et al., 2012) when a peer specialists was involved with a client’s care, and other studies 

have shown similar improvements in self-esteem, depressive symptoms, and general well-being 

compared to traditional mental health services (Davidson et al., 2004). However, other studies 

have found no differences between peer led services and traditional mental health services, 

especially when considering clinical outcomes (Chinman et al., 2000; Pitt et al., 2013; Rivera et 

al., 2007; Sells et al., 2006; Solomon & Draine, 1995). Two meta-analyses suggest that peer 

support has positive effects on recovery and empowerment but shows no significant differences 

from traditional mental health services in reducing days hospitalized, psychiatric symptoms, or 

increasing quality of life (Lloyd-Evans et al., 2014; White et al., 2020). However, many believe 

that null results (i.e., no differences in peer-led services compared to traditional mental health 
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services) are actually a positive sign; peer-led services may work just as well as traditional 

mental health services, so could be used in combination with or instead of these services on some 

occasions. Meta-analyses and reviews of the peer support literature commonly cite limitations in 

the quality of the extant data, including failure to define and describe the “peers” within a study, 

small sample sizes, or heterogeneity in the peer delivered services and difficulties distinguishing 

peer contributions to the peer programming (Bagnall et al., 2015; Chinman et al., 2014; White et 

al., 2020). Despite the limitations of this developing literature, many states (including 

Wisconsin) now allow peer support services to be reimbursed through Medicaid benefits, 

increasing their accessibility (Medicaid and CHIP Payment and Access Commission 

(MACPAC), 2022). 

Peer-delivered services may also be especially beneficial for people belonging to racial 

groups that suffer additional stigma compared to White individuals. Peer support can validate 

feelings of oppression and marginalization in ways that traditional mental healthcare might not, 

especially when peers share common experiences as well as a common background (Faulkner & 

Basset, 2012; Repper et al., 2013). Research suggests that Black students typically rely on 

informal networks of support to deal with distress instead of formal counseling (Grier-Reed, 

2013), and although this support does not always follow the formal peer specialist model, 

stronger peer support has shown some protective factors against depression in those who 

experienced trauma as a child (Brinker & Cheruvu, 2016; Juang et al., 2016). Among Veterans, 

the stigma surrounding mental health conditions and receiving mental health care was a 

significant barrier to initiating treatment (Greden et al., 2010). However, having another Veteran 

involved in care for peer support resulted in increased utilization of mental health services 

(Greden et al., 2010), suggesting that having peer support may reduce some of the stigma 
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surrounding these services. Similarly, for Black and Latinx youth in California, having access to 

more peer specialist programs was associated with increased utilization of outpatient mental 

health services (Ojeda et al., 2021).  

Unfortunately, the data regarding efficacy of peer-delivered services is more limited for 

incarcerated populations. One review from 2015 found only three studies that investigated peer-

support services or peer services aimed at mental health or behavioral outcomes for incarcerated 

populations in the United States (Goldstein et al., 2009; Junker et al., 2005; Walrath, 2001; for a 

review see Bagnall et al., 2015). One study from 2019 found that participants of a peer-support 

program in Pennsylvania jails stayed in the community longer after their release compared to 

national averages, however, this study did not include a direct comparison to individuals in 

Pennsylvania released during the same time period (Bellamy et al., 2019). Another found that 

increased social support while incarcerated resulted in a reduced likelihood for institutional 

misconduct, although this was not specific to peer-delivered mental health services (Gonçalves et 

al., 2014). Various carceral institutions across the country have employed different forms of peer 

support services. For example, Western Tennessee State Penitentiary utilizes incarcerated 

certified peer recovery specialists in their mental health and substance use treatment programs 

(McCrary et al., 2022). Similarly, the Vermont Department of Corrections employs trained peer 

recovery coaches to conduct group and one-on-one mentoring sessions (McCrary et al., 2022). 

The Pennsylvania Department of Corrections, which provided the framework for the CPS 

Program in Wisconsin, anecdotally reported reduced institutional rule infractions, reduced use of 

restrictive housing and improved staff/peer communication and professional relationships as a 

product of their CPS program (McCrary et al., 2022). Although anecdotal evidence suggests that 

peer support reduces conduct reports and placements in restrictive housing and fosters better 
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relationships between institutional staff and residents, few research studies have rigorously 

evaluated these outcomes (Patrone, 2020; Walrath, 2001), and an evaluation of the Pennsylvania 

DOC CPS program is currently listed as “in progress or under consideration” (Bucklen et al., 

2022). 

 More research regarding peer support services for individuals involved in the criminal 

legal system focuses on services offered after release (Barrenger et al., 2018; Goldstein et al., 

2009; Marlow et al., 2015; Ray et al., 2021). These studies find that individuals released from 

prison who engaged with a peer support program showed high rates of abstinence from 

substances, were able to find stable housing, followed mental health treatment programming, and 

self-reported improvements to mental and physical health (Goldstein et al., 2009; Marlow et al., 

2015; Ray et al., 2021). A recent qualitative study from 2021 detailed the accounts of youth who 

had committed a crime and were receiving peer support services from older individuals who had 

also been involved in the criminal legal system (Lenkens et al., 2021). This study found that a 

shared experience with incarceration (especially “the loss of freedom and autonomy”) was 

foundational to the peer-to-peer relationship (Lenkens et al., 2021). However, no mental health 

outcomes were assessed as part of this study.  

 Because many peer support services are implemented and used in different ways, the key 

factors driving benefits of the programs remain to be fully elucidated. Some studies have 

proposed disclosure (Marino et al., 2016), being a role model, using experiential knowledge, and 

building relationships based on empathy and trust as critical aspects (Davidson et al., 2012; 

Gillard et al., 2015). Across studies, the idea of social support, built on social learning, social 

comparison, and self-determination theory, is often cited as a key driver of peer support benefits. 

These theories posit that peers may be more credible role models to others with the same lived 
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experiences because people, in general, are drawn to others that share commonalities (Solomon, 

2004). Self-determination theory also suggests that individuals may be more motivated towards 

recovery when they feel a sense of autonomy, self-sufficiency, competence, and connectedness 

to others (Fortuna et al., 2022; Ryan & Deci, 2000). This idea may be especially important 

among incarcerated people, who are subject to some of the harshest social stigmas. Peer 

specialists with lived criminal justice involvement reported being able to share their experiences 

with incarceration and the criminal legal system was foundational to their ability to help peers 

who also had criminal justice histories (Barrenger et al., 2018), and similar insights were 

reported from legal system involved youth receiving peer support (Lenkens et al., 2021).  

Summary and Study Aims 

 

The mental health treatment programs of state prison systems, including Wisconsin, 

cannot meet the needs of all incarcerated individuals. People in prison report feeling socially 

isolated and suffer from higher rates of nearly all mental health disorders than individuals in the 

community. Unfortunately, traditional mental healthcare faces unique challenges within the 

prison system, especially regarding limitations of staff availability and the difficult trust 

dynamics between facility staff who provide mental health services and incarcerated people who 

need those services. Because of these challenges, it is possible that peer support programs may 

fill a critical gap in mental health programming for state prison systems by providing support 

services to those who need them, increasing feelings of social support, and addressing feelings of 

discrimination or marginalization that can only be understood by people who have been involved 

in the criminal legal system. However, the effectiveness of these peer support programs must be 

understood in order to best meet the needs of those engaging with them. The purpose of this 
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study is to conduct a Program Evaluation of the Certified Peer Specialist (CPS) Program in 

Wisconsin State correctional institutions. 

This Program Evaluation has two overall aims.  

1) Evaluating the effectiveness of the CPS Program at reducing negative institutional 

outcomes for incarcerated individuals. The first aim is to compare institutional behavior 

(e.g., conduct reports, placements in clinical observation) and recidivism for incarcerated 

individuals who participated in the CPS Program (i.e., CPS Clients) versus those who did 

not. Then, the relationship between the number of sessions with a Certified Peer Specialist 

(i.e., CPS Provider) and each outcome (conduct reports, placements in clinical observation, 

recidivism) will be explored for only CPS Clients. I hypothesized that CPS Clients would 

have less negative institutional behavior and lower rates of recidivism compared to matched 

individuals who did not receive peer support services, and for CPS Clients, more sessions 

with a CPS Provider would be related to fewer instances of conduct reports and placements 

in clinical observation as well as lower risk for recidivism after release. Building on prior 

literature suggesting peer support may be more impactful for different racial groups, the 

impact of the CPS Program will also be evaluated for Black versus non-Black incarcerated 

individuals. 

2) Characterizing the facility-wide impact of the CPS Program. The second aim is to 

determine whether there were widespread positive impacts of the CPS program in each 

correctional facility. Anecdotal reports from various prisons across the country have noted 

overall better relationships between staff and incarcerated individuals, more buy-in from 

correctional officers as they see the positive impacts of the CPS program, and fewer negative 

confrontations between staff and residents.  I hypothesized that the start of the CPS program 
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would result in a reduction in the overall number of institutional outcomes (e.g., placements 

in clinical observation, placements in restrictive housing) at each facility where the CPS 

program is operating, compared to levels before the implementation of the CPS program
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CHAPTER 2. GENERAL METHODS 

 

All data for this Program Evaluation were provided by the Wisconsin DOC – Research 

and Policy Unit. Data sharing was agreed to by the University of Wisconsin – Madison and The 

Wisconsin DOC with a Business Associate Agreement and Data Use Agreement. Information 

about CPS Providers and CPS Clients was included from twenty-five institutions. The DOC 

provided additional data regarding various institutional outcomes (described below) for all CPS 

Providers and CPS Clients, as well as individuals incarcerated at the same institutions who did 

not participate in the CPS program. Because the data for these analyses were provided by the 

Wisconsin DOC for the purposes of a Program Evaluation of the CPS Program, individuals did 

not provide written consent. The University of Wisconsin Institutional Review Board reviewed 

the nature of these analyses and determined that informed consent was not necessary for the 

purposes of this Program Evaluation.  

Institutions Providing Data: 

 

1. Black River Correctional Center (BRCC) 

2. Chippewa Valley Correctional Treatment Facility (CVTF) 

3. Columbia Correctional Institution (CCI) 

4. Dodge Correctional Institution (DCI) 

5. Drug Abuse Correctional Center (DACC) 

6. Fox Lake Correctional Institution (FLCI) 

7. Green Bay Correctional Institution (GBCI) 

8. Jackson Correctional Institution (JCI) 

9. Kettle Moraine Correctional Institution (KMCI) 

10. Milwaukee Secure Detention Facility (MSDF) 

11. Milwaukee Women’s Correctional Center (MWCC) 

12. New Lisbon Correctional Institution (NLCI) 

13. Oakhill Correctional Institution (OCI) 

14. Oshkosh Correctional Institution (OSCI) 

15. Racine Correctional Institution (RCI) 

16. Redgranite Correctional Institution (RGCI) 

17. Robert E. Ellsworth Correctional Center (REECC) 

18. St. Croix Correctional Center (SCCC) 

19. Stanley Correctional Institution (SCI) 

20. Sturtevant Transitional Facility (STF) 
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21. Taycheedah Correctional Institution (TCI) 

22. Waupun Correctional Institution (WCI) 

23. Wisconsin Resource Center (WRC) & Wisconsin Women’s Resource Center (WWRC) 

24. Wisconsin Secure Program Facility (WSPF) 

 

Wisconsin Department of Corrections Certified Peer Specialist (CPS) Program 

 

In Wisconsin, peer specialists are individuals who have lived experience with mental 

health difficulties, substance use disorders, or exposure to trauma and who support and 

encourage their peers towards their wellness goals. Peer Specialists model prosocial 

communication and skills and are trained to help their peers use positive coping skills and 

decision-making. After they have completed a 40-hour formal training course and passed the 

certification exam (created in partnership by the Wisconsin Department of Health Services 

(DHS), Access to Independence, Inc, and the UW-Milwaukee School of Continuing Education), 

individuals can become CPS Providers. The first CPS Providers passed their exams in early 

2010, and by the end of 2010 there were approximately 100 across the State of Wisconsin 

(Wisconsin Peer Specialists: About Us, n.d.). CPS Providers in Wisconsin must adhere to a clear 

Scope of Practice and abide by a list of Core Competencies and Code of Ethics (Certified Peer 

Specialist, n.d.). Core Competencies are divided into four domains: Values, In-depth knowledge 

of recovery, Roles and Responsibilities of a CPS, and Skills. Currently, CPS Providers in 

Wisconsin are employed in dozens of departments across the state, including inpatient and 

outpatient settings and the Wisconsin DOC. 

The Wisconsin CPS Program (Certified Peer Specialist, n.d.) was introduced in the 

Wisconsin DOC in April 2017 at WSPF. At that time, eight incarcerated people from OSCI and 

ten from WSPF completed an intensive, week-long training program and began working as Peer 

Specialists. To be certified as a CPS Provider in the Wisconsin DOC, individuals must meet the 

following criteria: 
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1. General population status 

2. Lived experience with mental health difficulties, a substance use disorder, or 

exposure to trauma 

3. GED or High School diploma unless a waiver in accordance with DAI Policy 

309.55.04 has been approved. 

4. Positive work and institution adjustment. 

5. No findings of guilt on a major conduct report for at least one year. 

6. No findings of guilt on a conduct report for an assaultive offense for at least two years 

(five years for staff assault, solicitation of staff, any sexually-related or any drug 

related offense). 

7. Completion of program needs or no refusal of identified primary program needs. 

8. No suicide attempts or self-injurious behavior in the past year. 

9. Clearance by the facility STG coordinator. 

10. Clearance by Security, HSU and PSU staff. 

11. More than two years remaining before release. 

 

Once selected, individuals attend a 48-hour training program administered by DHS staff 

or DHS approved trainers. Then, all individuals are eligible to complete the State of Wisconsin 

CPS exam. To be certified by the Wisconsin DHS, individuals must pass with a score of 85% or 

greater. If an individual does not pass the CPS exam, they are still able to operate as a Peer 

Specialist within their institution as long as they have completed the 48-hour training. In addition 

to following the Wisconsin CPS Code of Ethics, CPS Providers within the Wisconsin DOC have 

a variety of roles and expectations. According to DAI Policy #309.70.01, Certified and 

uncertified Peer Specialist Roles include: 

1. Approaching peers as equals. 

2. Maintaining appropriate boundaries (as outlined in the WI CPS Code of Ethics). 

3. Attempting to understand the difficulties and concerns of peers through active listening. 

4. Providing positive encouragement and support; assist peers to identify and use their 

strengths. 

5. Teaching skills such as communication and conflict resolution. 

6. Assisting peers with the identification of goals and steps to accomplish these. 

7. Demonstrating and modeling coping skills in a way that inspires peers and helps to 

maintain a positive environment within the facility. 

8. Sharing personal experience as appropriate to assist peers in changing negative patterns 

and behaviors. 

9. Notify staff of immediate concerns related to psychological, health or security. 

 

Expectations include: 
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1. Meeting with peers as scheduled by the Facility CPS Coordinator to provide peer 

specialist services. 

2. Wearing a CPS identification pass next to the inmate ID whenever performing CPS 

services. 

3. Completing a DOC-2874A by the end of each workday and turning into the Facility CPS 

Coordinator as directed.  

4. Participating in Facility PSOC meetings when required. 

5. Participating in recertification training, when offered, involving 20 hours of continued 

training every 2 years. 

6. Keeping information from contacts with peers confidential, except as noted below. 

7. Immediately reporting to any staff member thoughts, intent or plans of peers to engage in 

any of the following: 

a. Self-harm or suicide. 

b. Assault or harm to others. 

c. Any threats to safety or security of facility. 

d. Manufacture of weapons. 

8. Submitting to random personal searches, in accordance with DAI Policy 306.17.02 

 

To provide oversight of the CPS program there is a DOC Peer Specialist Oversight 

Committee (PSOC), with members appointed by the Wisconsin DOC Secretary’s office. These 

members include the CPS Director(s), the Mental Health Director, a Department of Community 

Corrections Regional Chief (or designee), a DAI Administrator (or designee), the Wisconsin 

Resource Center Director (or designee), and other members. One member is designated as 

Chairperson of the PSOC. The PSOC also manages policy and program development related to 

the CPS program and coordinates the training of new and recertification of existing CPS 

Providers. 

Participation in the CPS Program is voluntary; any person incarcerated at a facility 

operating the CPS Program can request peer services by submitting a request form. There are no 

a priori exclusion criteria from receiving peer services, although the Facility PSOC can suspend 

or remove an individual from the program if they believe services are being misused. Individuals 

receiving peer services can withdraw from participation at any time.  
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Measures 

Institutional Outcomes 

Clinical Observation Placements. While incarcerated, individuals can be placed under 

Clinical Observation if they are at risk of harming themselves or if they are in an acute mental 

health episode. For Aim 1, the start and end dates of each Clinical Observation placements for 

each individual were provided by the DOC. For Aim 2, the monthly total of Clinical Observation 

placements at each institution was provided. 

Conduct Reports. Conduct Reports are institutional infractions (e.g., assault, disobeying 

orders, disruptive conduct) committed by an individual during their incarceration. For Aim 1, the 

date of each CR, a description of the infraction, and a classification of the Conduct Report 

(Major, Minor, Undecided) was provided for each individual. Major Conduct Reports consisted 

of infractions such as assault, sexual assault, or theft, while Minor Conduct Reports consisted of 

infractions such as having a dirty assigned area, leaving an assigned area, loitering, or inadequate 

work or school performance. For Aim 2, the monthly total of Conduct Reports at each institution 

was provided. 

Recidivism. Recidivism is defined by the Wisconsin Department of Corrections as a new 

criminal conviction after release from prison. Arrests that did not result in a new conviction, or 

extended supervision violations resulting in a return to prison are not classified as recidivism 

events (unless the violation led to new criminal charges). For Aim 1, Recidivism data was 

provided for all eligible individuals (i.e., those who were released before were provided to the 

research team). Recidivism was not evaluated for Aim 2. 

Restrictive Housing (RH) Placements. RH placements, including disciplinary 

segregation and administrative confinement data, was requested for program evaluation analyses. 
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Individual level data was unavailable at the time of this project and could not be analyzed. For 

Aim 2, the number of RH placements each month at each facility was provided. 

Use of Force. Information was requested evaluating the number of instances between 

correctional officers and an incarcerated individual where force was used. Unfortunately, this 

data was unavailable and could not be provided for this project.



22 

 

CHAPTER 3. AIM 1: EVALUATING THE EFFECTIVENESS OF THE CERTIFIED 

PEER SPECIALIST PROGRAM AT REDUCING NEGATIVE INSTITUTIONAL 

OUTCOMES FOR INCARCERATED INDIVIDUALS 

 

Introduction 

A wealth of research has shown that individuals who are incarcerated have extremely 

high rates of mental health disorders and report feelings of social isolation, depression, distress, 

anxiety and hopelessness associated with the prison environment (Goomany & Dickinson, 2015; 

Nurse et al., 2003; Quandt & Jones, 2021; Wisconsin Department of Corrections, 2022). Those 

with mental health disorders have a more difficult time adjusting to the prison environment, 

often showing higher rates of misconduct while incarcerated and suffering harsher consequences 

(e.g., segregation) for rule infractions (Clark, 2018; Ditton, 1999; Felson et al., 2012; Houser & 

Belenko, 2015). In general, poor adjustment to the prison environment is associated with higher 

rates of violence, aggression, anger and withdrawal (De Viggiani, 2007; Rogers et al., 2022), and 

people in prisons report being cut-off from their support systems outside of prison is one of the 

most difficult adjustments to handle (Goomany & Dickinson, 2015; Nurse et al., 2003). This 

literature highlights the critical importance of mental health treatment and increased social 

support for individuals who are incarcerated to improve institutional adjustment and reduce 

instances of violence and misconduct.  

The CPS Program aims to fill a critical gap in the availability of mental health services in 

prison by offering one-on-one peer support from individuals who are successfully managing their 

mental health needs to individuals who are in need of support. Promising research has found that 

increasing social support while in prison can reduce instances of aggression and violence 

feelings of anger or hostility (Jordaan & Hesselink, 2022; Rocheleau, 2015). Additionally, more 

positive coping skills, such as getting support from others and venting emotions, have been 
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associated with fewer instances of serious misconduct for people in prison (Rocheleau, 2014). 

Critically, increasing positive social support and using positive coping skills are two core goals 

of the Certified Peer Specialist Program (DAI Policy #309.70.01. Certified Peer Specialists, 

2020). For individuals released from prison living in the community, engaging with a peer who 

has experienced incarceration was critical to the peer-to-peer relationship (Lenkens et al., 2021). 

Additionally, this program may be uniquely beneficial for individuals from different racial 

backgrounds, such as Black individuals, where peer support may help validate feelings of 

marginalization and reduce stigma surrounding traditional mental health services offered in the 

institution (Faulkner & Basset, 2012; Ojeda et al., 2021; Repper et al., 2013), especially given 

the low number of Black Wisconsin DOC employees. Nonetheless, individuals in prison suffer 

from some of the highest rates of mental health disorders and face some of the harshest stigma 

surrounding their circumstances, leaving a critical gap in services that the CPS program may be 

able to address. 

This study investigated the effectiveness of the CPS program for individuals who receive 

support services from a CPS (i.e., CPS Clients) compared to individuals in the same prisons who 

did not receive peer support services. Although there is reason to believe that peer support 

services provided in prison will show positive impacts on individuals’ wellbeing and behavior 

during incarceration as well as their outcomes after release, no studies have rigorously 

investigated the impact of these services for individuals who receive peer support compared to 

those who do not.  
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Methods 

Data Cleaning 

Population data  

A full Population file was provided by the DOC containing information for every 

individual (N = 39,024) that was incarcerated at a facility that operated the CPS Program during 

a time the CPS Program was in operation. For example, if an individual was incarcerated at TCI 

from 2010-2011, information about that period of incarceration would not be included because 

TCI did not start the CPS Program until 2020. The following demographic information was 

contained in the Population file: birth year, race, ethnicity, sex, highest grade level of education, 

marital status, mental health status, prison admission date, prison release date (if applicable), 

admission facility, custody classification, and risk score (i.e., risk assessment score, as measured 

by the Correctional Officer Management Profiles for Alternative Sanctions (COMPAS) risk 

assessment (Brennan & Dieterich, 2017)). For individuals who were released from prison before 

December 31st, 2022 (the last date of data included), the following information was provided: 

whether they had recidivated, the year in which they recidivated (1, 2 or 3 years after release), 

the date of recidivism and the recidivism offense type and category.  

Because only an individual’s birth year, but not exact birthdates, were provided, a 

birthday of June 1st was used to calculate each individual’s approximate age at incarceration. 

Additionally, because demographic information was provided for each incarceration period, 

some individuals had multiple reported values for each demographic variable.  

Using the Population file, a long format data frame was constructed containing one row 

for each month that an individual was incarcerated at a CPS facility. For example, if an 

individual was incarcerated from February 2017 until January 2020, then again from September 

2021 until August 2022, they would have a total of 48 rows indicating the months they were 
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incarcerated (36 rows from February 2017 to January 2020 and 12 rows from September 2021 to 

August 2022). All demographic data corresponding to each period of incarceration were matched 

with the months corresponding to that period of incarceration. For the above individual, any 

demographic information reported for their first incarceration would be matched with rows 

containing months between February 2017 and January 2020, and demographic information 

reported for their second incarceration would be matched with rows containing months between 

September 2021 and August 2022. To eliminate within-person variability of demographic 

information and to ensure all baseline characteristics were measured before an individual entered 

the CPS Program, only demographic information from a person’s earliest period of incarceration 

was utilized for analyses. In cases where demographic information was missing for the earliest 

period of incarceration, the next earliest reported demographic information was retained. Next, 

because data would be evaluated longitudinally, individuals who were incarcerated for less than 

60 days (i.e., less than 2 rows of data in the long format data frame) were excluded.  

In a separate file, information about every prior charge (and corresponding statute) an 

individual was found guilty of and resulted in either incarceration or supervision within the DOC 

was provided. For each individual, the total number of past guilty charges was calculated. This 

file also contained information on the most serious offense category an individual had ever been 

convicted of, which was retained for analyses. 

CPS Program data  

The following data were provided for CPS Clients: the number of meetings with a CPS 

Provider, the date of enrollment in the CPS Program or first session date, the date of the last 

session with a CPS (if services were terminated) or the date of suspension of services, and the 

reason for terminating their participation in the CPS program (if applicable). Data was provided 
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as separate files from 10 different prisons as well as one data file containing data from 25 

facilities.  

Table 1 

 

CPS Program start dates for all institutions providing CPS information. 

 

DOC Facility Start Date 

Wisconsin Secure Program Facility (WSPF) April 2017 

Oshkosh Correctional Institution (OSCI) May 2017 

Wisconsin Resource Center (WRC) June 2017 

Dodge Correctional Institution (DCI) January 2018 

Columbia Correctional Institution (CCI) September 2019 

Wisconsin Women’s Resource Center (WWRC) September 2019 

Green Bay Correctional Institution (GBCI) October 9th, 2019 

Waupun Correctional Institution (WCI) October 2018 

Taycheedah Correctional Institution (TCI) January 12th, 2020 

Robert E. Ellsworth Correctional Center (REECC) January 25th, 2021 

Fox Lake Correctional Institution (FLCI) June 1st, 2021 

Jackson Correctional Institution (JCI) July 2021 

New Lisbon Correctional Institution (NLCI) November 15th, 2021 

Stanley Correctional Institution (SCI) March 19th, 2022 

Milwaukee Women’s Correctional Center (MWCC) April 4th, 2022 

Kettle Moraine Correctional Institution (KMCI) May 31st, 2022 

Redgranite Correctional Institution (RGCI) June 27th, 2022 

Milwaukee Secure Detention Facility (MSDF) Not provided 

St. Croix Correctional Center (SCCC) Not provided 

Sturtevant Transitional Facility (STF) Not provided 

Black River Correctional Center (BRCC) Not provided 

Chippewa Valley Correctional Treatment Facility (CVTF) Not provided 

Oakhill Correctional Institution (OCI) Not provided 

Racine Correctional Institution (RCI) Not provided 

Drug Abuse Correctional Center (DACC) Not provided 

 

Data were consolidated across sources to ensure no participants were duplicated and the most 

updated CPS Program information was obtained for each CPS Client. If individuals were listed 

in multiple sources with duplicated information, data was consolidated such that the greater 

number of sessions, earliest date of enrollment, and latest date of suspension of services were 

retained. A total of 5,116 individuals were included in the full CPS Program file. CPS Clients 
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were excluded from analyses for the following reasons: first session date or enrollment date was 

not available, no session information was reported, DOC number or name could not be found, 

CPS session dates did not correspond with a period of incarceration reported in the Population 

file, or the individual was not listed in the Population file. For individuals who were reported as 

receiving CPS services at multiple facilities, all information was retained as long as information 

on their first CPS session date or enrollment date at each facility was available. For participants 

listed as receiving services at multiple CPS facilities who were missing enrollment information 

at one facility, the total number of sessions with a CPS Provider were added to the sessions 

reported at the facility reporting start dates. If final session dates were not provided, the date an 

individual left the facility or was released from incarceration was used, if available. CPS 

Program operation timelines were not available for Milwaukee Secure Detention Facility, St. 

Croix Correctional Center, Chippewa Valley Correctional Treatment Facility, Sturtevant 

Transitional Facility, Black River Correctional Center, Oakhill Correctional Institution, Racine 

Correctional Institution or the Drug Abuse Correctional Center, therefore data from participants 

residing at these facilities was excluded. Data from MWCC contained information from only one 

individual, however, CPS enrollment information was missing and so this individual was 

excluded from analyses. A total of 4,686 CPS Clients across 16 facilities were retained at this 

stage. Then, records with missing demographic and baseline information or with less than 60 

days of incarceration were removed. A total of 4,282 individuals with complete data were 

retained in the final CPS Client data. Demographic and baseline information for the full sample 

of participants, as well as CPS Clients, CPS Providers, and non-CPS individuals can be found in 

Table 2. 
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Table 2 

 

Demographic and baseline information for all data samples 

 

 Full sample 

N = 34,602 

CPS Clients  

n = 4,282 

Non-CPS  

n = 30,320 

CPS Providers  

n = 117 

Sex (% Male) 92.6 79.8 94.4 74.8 

Age at incarceration 34.84 (11.44) 32.25 (10.72) 35.21 (11.49) 31.81 (10.35) 

Years incarcerated (total) 4.24 (5.75) 3.55 (4.58) 4.34 (5.89) 12.90 (8.20) 

Prior charges (total) 7.92 (6.69) 7.84 (6.54) 7.93 (6.71) 6.95 (5.44) 

Race (%) 

 American Indian/Alaska Native 

 Asian/Pacific Islander 

 Black 

 White 

 

5.9 

1.3 

38.0 

54.8 

 

6.9 

1.9 

42.3 

48.9 

 

5.7 

1.2 

37.4 

55.6 

 

1.9 

1.9 

59.8 

36.4 

Highest Level of Education (%) 

 0-4th Grade 

 5-8th Grade 

 9-12th Grade, No degree 

 High School Degree 

 1-2 Years College or Vocational 

 Associate Degree 

 3 Years College 

 Bachelor’s Degree or Higher    

 

0.3 

2.5 

23.5 

47.8 

18.4 

3.8 

1.2 

2.5 

 

0.6 

3.2 

28.7 

43.6 

17.3 

3.2 

0.9 

2.5 

 

0.3 

2.4 

22.8 

48.3 

18.5 

3.9 

1.2 

2.5 

 

0.0 

0.9 

20.6 

48.6 

19.6 

4.7 

2.8 

2.8 

Marital Status (%) 

 Single, Never Married 

 Unmarried Partner  

 Common Law Marriage 

 Married 

 Separated 

 Divorced    

 Widowed 

 

71.0 

0.1 

0.1 

10.4 

2.7 

14.5 

1.1 

 

75.6 

0.1 

0.2 

9.6 

2.4 

11.2 

0.9 

 

70.3 

0.1 

0.1 

10.6 

2.7 

15.0 

1.2 

 

68.2 

0.0 

0.0 

14.0 

2.8 

11.2 

3.7 

Mental Health Status (%) 

 No Mental Illness/Unknown 

 Has Mental Illness 

 Has Serious Mental Illness 

 

52.5 

38.3 

9.1 

 

28.4 

55.4 

16.2 

 

55.9 

35.9 

8.1 

 

62.6 

23.4 

14.0 

Risk Score (%) 

 Low 

 Medium 

 High 

 

29.7 

39.1 

31.2 

 

26.2 

36.8 

37.0 

 

30.2 

39.4 

30.4 

 

53.3 

30.8 

15.9 

Custody Classification (%) 

 Minimum 

 Medium 

 Maximum 

 

24.5 

63.8 

11.8 

 

15.8 

60.3 

23.9 

 

25.6 

64.3 

10.1 

 

13.1 

63.6 

23.4 

MSO at incarceration (%) 

 Public Order Offense 

 

15.1 

 

11.7 

 

15.5 

 

0.0 
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Outcome data 

Date files containing information about Conduct Reports (CRs), Restrictive Housing 

(RH) Placements, and Observation Placements were provided separately. 

Conduct Reports 

The Conduct Report data file contained the following information: incident date, Conduct 

Report type, and description of the violation. Only individuals who had received a Conduct 

Report during a period of incarceration included in the Population file were included. For 

example, if a person was incarcerated from 2017-2018 at a CPS facility, Conduct Reports from 

prior to 2017 would not be included. Additionally, Conduct Report data was digitized in the 

Wisconsin DOC in January 2019. Therefore, only data from after January 2019 (the first full 

month of digitalized Conduct Report data was in February 2019) was utilized for analyses. 

Information regarding the facility at which the Conduct Report was reported was not provided, 

meaning some of the reported Conduct Reports in this data file could have occurred at a facility 

not operating the CPS Program.  

 The total number of Conduct Reports, the number of Major Conduct Reports and the 

number of Minor Conduct Reports each person was found guilty of per month was calculated 

using R (R Core Team, 2022). Then, Conduct Reports were merged with the long format data 

file such that each Conduct Report instance was matched with the row containing the month in 

which it occurred. For individuals with more than one Conduct Report in a given month, the 

earliest Conduct Report date was retained. For each individual in the Population file, a binary 

variable was created indicating whether they were found guilty of a Conduct Report during each 

 Property Offense 

 Drug Offense 

 Violent Offense 

15.8 

16.1 

53.1 

15.9 

12.6 

59.8 

15.8 

16.6 

52.1 

3.7 

6.5 

89.7 
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month (0 = months without a Conduct Report incident date; 1 = months with a Conduct Report 

incident date). 

 Additionally, because Conduct Reports were relatively rare in the data sample (mean 

across participants = 0.19 Conduct Reports per month), individuals were only included for 

analyses if they had at least 6 months of incarceration before and after enrolling in the CPS 

Program (to ensure most participants would have at least one Conduct Report before and after). 

Participants were not required to be active in the CPS Program for the full 6 months after 

enrollment. A total of 1,210 CPS Clients were included for analyses evaluating Conduct Reports. 

Clinical Observation Placements  

The Clinical Observation Placement file contained the following information: Clinical 

Observation start date and Clinical Observation end date. The Clinical Observation data file was 

converted to long format such that for each individual there was one row for each month they 

were placed in Clinical Observation. Then, the total number of days spent in Clinical 

Observation during a given month was calculated using R. For individuals with more than one 

placement in Clinical Observation in a month, the earliest start date was retained for that month. 

For Clinical Observation placements that spanned multiple months, the number of days in 

Observation were calculated for each month during the Clinical Observation period. For each 

individual in the Population file, a binary variable was created indicating whether they were in 

Clinical Observation during that month (0 = not in Clinical Observation during that month; 1 = 

individual received a Clinical Observation placement or stayed in Clinical Observation that 

month). Again, because Clinical Observation placements were relatively rare in the data sample 

(mean days in Clinical Observation per month across all participants = 0.04 days), individuals 

were only included for analyses if they were incarcerated for at least 6 months before and after 
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enrolling in the CPS Program. A total of 1,407 CPS Clients were included for analyses 

evaluating Clinical Observation Placements. 

Recidivism 

All participants who were released from prison before December 31, 2022 were included 

in recidivism analyses. For individuals with multiple periods of incarceration that ended in a 

release, data were evaluated to ensure revocations were not included for recidivism analyses (i.e., 

if an individual returned to prison for a new period of incarceration but did not have a previous 

recidivism event listed). For individuals who were revoked and started a new period of 

incarceration, only the later release date was retained for recidivism analyses. To evaluate the 

effectiveness of the CPS Program on recidivism, individuals were classified as a CPS Client only 

if they had been enrolled in the CPS Program prior to their release from prison. For example, if 

an individual was incarcerated during three separate periods that ended in a release, but was only 

enrolled in the CPS Program prior to one of those release dates, they would be considered a CPS 

Client only for that period. Then, the number of days until a recidivism event was calculated for 

each person and each period of incarceration resulting in a release. For individuals who did not 

recidivate, the number of days between their release date and December 31, 2022 was used. A 

total of 1,538 individuals were classified as CPS Clients before their release and were retained 

for recidivism analyses.  

Propensity Score Matching 

A limitation of quasi-experimental and observational studies is the inability of the 

researcher to randomly assign participants to intervention and control groups, which can lead to 

systematically unbalanced baseline covariates between groups and makes data interpretation 

difficult. For example, a person’s mental health status at the beginning of their incarceration 
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likely influences whether they decide to participate in the CPS Program, meaning this variable 

would be unbalanced between those in the CPS Program and those who were not. However, 

inferences about a program’s effectiveness are near impossible to make without the ability to 

compare outcomes to individuals who did not participate in the program. Therefore, methods 

must be used to generate a sample of participants who did not participate in the program but can 

be reasonably be compared to individuals who did.  

Various statistical methods have been developed to address these limitations and allow 

for causal inference using observational data. Propensity Score Analysis (PSA) is a statistical 

method that attempts to mimic randomized controlled trials by “matching” treated and untreated 

participants and balancing the groups on a large set of baseline covariates (Rosenbaum & Rubin, 

1983). This method uses propensity scores, which are derived from a model predicting a binary 

outcome (assignment to the treatment group) based on the set of baseline covariates. A 

participant’s propensity score reflects their probability of assignment to the treatment group 

based on the observed baseline covariates. The main limitation of PSA is the assumption that the 

covariates included in the propensity score model represent all possible confounders. In most 

cases, this is impossible to determine, but it is recommended to include as many reasonable 

covariates in the propensity score model as possible to account for possible hidden bias 

(Benedetto et al., 2018).  

For each outcome (Conduct Reports, Clinical Observation Placements, Recidivism) PSA 

was conducted separately due to the different number CPS Clients available for each outcome. 

For the purposes of this program evaluation, PSA was used only to generate a matched group on 

which outcomes could be compared with CPS Clients, on a group level. The purpose was not to 

compare CPS Clients to their matched non-CPS individuals at an individual level. Additionally, 
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although PSA is traditionally utilized to mimic randomization and estimate causality, limitations 

of the PSA method make it difficult to prove causality. Because of this, all analyses are 

considered correlational in nature. The following steps were carried out for each outcome. 

Estimating Propensity Scores 

Covariate selection 

The first step in PSA is estimating the covariates to be included in the propensity score 

model. One assumption in PSA is that the covariates included in the model represent every 

known confounder that could influence self-selection into the intervention or control group 

(Austin, 2011). Participation in the CPS Program is entirely voluntary, and there are no a priori 

exclusions for participation. While all potential confounders that could influence CPS Program 

participation cannot be known, all demographic and baseline characteristics provided by the 

DOC were included in the PSA to ensure the most robust matching algorithm possible. The 

following variables were included for PSA for all three outcomes: sex, race, highest level of 

education, marital status, mental health status, age at earliest incarceration, total time 

incarcerated, total past number of charges adjudicated as guilty, recidivism risk score, custody 

level (minimum, medium or maximum), and most serious offense category. All covariate 

information was taken from the earliest period of incarceration provided to ensure information 

was collected before enrollment in the CPS Program, if possible. Covariate comparisons between 

CPS Clients and unmatched non-CPS individuals are presented in Table 3 (Conduct Reports), 

Table 4 (Clinical Observation Placements) and Table 5 (Recidivism). 
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Table 3 

 

Covariate comparisons for CPS Clients and non-CPS individuals in unmatched and matched Conduct Reports sample 

 Unmatched sample Matched Sample 

 CPS Clients 

n = 1,210 

Non-CPS  

n = 13,490 

 

SMD 

 

p 

CPS Clients 

n = 1,130 

Non-CPS  

n = 1,130 

 

SMD 

 

p 

Sex (% Male) 64.0 96.8 -0.68 < .001 68.6 68.7 0.0 .96 

Age at incarceration   30.75 (9.84)   34.23 (11.60) -0.35 < .001 30.91 (10.02) 31.21 (9.88) -0.03 .48 

Years incarcerated (total) 6.35 (6.15) 7.53 (7.06) -0.19 < .001 6.50 (6.29) 6.26 (5.91 0.04 .35 

Prior charges (total)    8.40 (7.45)    7.88 (6.94) 0.07 .02 8.33 (7.09) 8.85 (9.99) -0.07 .16 

Race (%) 

 American Indian/Alaska Native 

 Asian/Pacific Islander 

 Black 

 White 

 

5.5 

1.2 

44.0 

49.3 

 

4.5 

1.3 

42.0 

52.2 

 

0.05 

-0.01 

0.04 

-0.06 

 

.12 

.73 

.19 

.05 

 

5.8 

1.2 

43.5 

49.6 

 

6.3 

1.4 

43 

49.3 

 

-0.02 

-0.02 

0.01 

0.01 

 

.60 

.58 

.83 

.87 

Highest Level of Education (%) 

 0-4th Grade 

 5-8th Grade 

 9-12th Grade, No degree 

 High School Degree 

 1-2 Years College or Vocational 

 Associate Degree 

 3 Years College 

 Bachelor’s Degree or Higher    

 

0.2 

3.7 

31.1 

44.2 

14.7 

2.6 

1.1 

2.4 

 

0.4 

3.2 

25.1 

46.5 

17.4 

3.4 

1.3 

2.8 

 

-0.04 

0.03 

0.13 

-0.05 

-0.07 

-0.05 

-0.02 

-0.02 

 

.20 

.36 

< .001 

.12 

.01 

.10 

.54 

.44 

 

0.3 

3.5 

31.5 

44 

14.6 

2.7 

1.1 

2.3 

 

0.2 

3.3 

31 

42.9 

16.5 

3.3 

1.2 

1.8 

 

0.02 

0.01 

0.01 

0.02 

-0.05 

-0.03 

-0.01 

0.03 

 

.66 

.73 

.79 

.61 

.22 

.46 

.84 

.37 

Marital Status (%) 

 Single, Never Married 

 Unmarried Partner  

 Common Law Marriage 

 Married 

 Separated 

 Divorced    

 Widowed 

 

75.0 

0.1 

0.2 

9.8 

2.3 

11.8 

0.9 

 

70.0 

0.0 

0.1 

11.5 

2.7 

14.3 

1.3 

 

0.12 

0.03 

0.01 

-0.06 

-0.03 

-0.08 

-0.04 

 

< .001 

.37 

.79 

.06 

.35 

.01 

.17 

 

74.5 

0.0 

0.2 

10.2 

2.3 

11.9 

1.0 

 

74.6 

0.1 

0.1 

10.1 

2.4 

12.0 

0.7 

 

0.0 

-0.03 

0.02 

0.0 

-0.01 

-0.01 

0.03 

 

.96 

.32 

.56 

.95 

.89 

.90 

.49 

Mental Health Status (%) 

 No Mental Illness/Unknown 

 Has Mental Illness 

 Has Serious Mental Illness 

 

24.7 

48.3 

26.9 

 

58.4 

33.3 

8.3 

 

-0.78 

0.30 

0.42 

 

< .001 

< .001 

< .001 

 

26.4 

49.6 

24.1 

 

26. 5 

50.4 

23.1 

 

0.0 

-0.02 

0.02 

 

.92 

.71 

.59 

Risk Score (%) 

 Low 

 

24.7 

 

35.4 

 

-0.25 

 

< .001 

 

25.6 

 

22.7 

 

0.07 

 

.11 
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 Medium 

 High 

37.7 

37.6 

36.6 

28.0 

0.02 

0.20 

.48 

< .001 

37.3 

37.2 

39.5 

37.9 

-0.05 

-0.01 

.28 

.73 

Custody Classification (%) 

 Minimum 

 Medium 

 Maximum 

 

18.8 

49.8 

31.4 

 

17.9 

67.4 

14.6 

 

0.02 

-0.35 

0.36 

 

.48 

< .001 

< .001 

 

19.0 

49.6 

31.4 

 

21.2 

49.0 

29.8 

 

-0.05 

0.01 

0.03 

 

.21 

.80 

41 

MSO at incarceration (%) 

 Public Order Offense 

 Property Offense 

 Drug Offense 

 Violent Offense 

 

7.6 

16.9 

11.8 

63.7 

 

10.2 

12.3 

12.0 

65.5 

 

-0.10 

0.12 

-0.01 

-0.04 

 

.86 

< .001 

.001 

.21 

 

7.6 

15.9 

12.0 

64.4 

 

8.3 

16.2 

13.0 

62.5 

 

-0.03 

-0.01 

-0.03 

0.04 

 

.53 

.86 

.49 

.34 
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Table 4 

 

Covariate comparisons for CPS Clients and non-CPS individuals in unmatched and matched Clinical Observation sample 

 

 Unmatched sample Matched Sample 

 CPS Clients 

n = 1,407 

Non-CPS  

n = 16,621 

 

SMD 

 

p 

CPS Clients 

n = 1,357 

Non-CPS  

n = 1,357 

 

SMD 

 

p 

Sex (% Male) 97.1 69.1 0.61 < .001 71.6 72.4 0.02 .64 

Age at incarceration 30.51 (10.19) 34.21 (11.61) 0.36 <.001 30.63 (10.28) 30.94 (9.66) 0.03 .42 

Years incarcerated (total) 6.37 (6.09) 7.06 (6.83) 0.11 < .001 6.41 (6.11) 6.28 (6.16) 0.02 .58 

Prior charges (total) 8.56 (7.36) 7.87 (6.82) 0.09 < .001 8.62 (7.42) 9.08 (10.18) 0.06 .18 

Race (%) 

 American Indian/Alaska Native 

 Asian/Pacific Islander 

 Black 

 White 

 

6.0 

1.4 

45.8 

46.8 

 

4.6 

1.2 

41.4 

52.7 

 

0.06 

0.02 

0.09 

0.12 

 

.03 

.55 

< .01 

< .001 

 

6.0 

1.4 

45.2 

47.4 

 

6.6 

1.9 

43.0 

48.5 

 

0.02 

0.04 

0.04 

0.02 

 

.53 

.29 

.25 

.57 

Highest Level of Education (%) 

 0-4th Grade 

 5-8th Grade 

 9-12th Grade, No degree 

 High School Degree 

 1-2 Years College or Vocational 

 Associate Degree 

 3 Years College 

 Bachelor’s Degree or Higher    

 

0.2 

3.8 

31.4 

43.6 

15.1 

2.6 

1.0 

2.2 

 

0.4 

3.2 

24.8 

46.8 

17.5 

3.3 

1.3 

2.6 

 

0.05 

0.04 

0.14 

0.06 

0.07 

0.04 

0.03 

0.03 

 

.08 

.20 

< .001 

.02 

.01 

.11 

.25 

.29 

 

0.2 

3.8 

31.0 

44.0 

15.0 

2.7 

1.0 

2.3 

 

0.1 

4.1 

31.7 

41.8 

16.6 

2.7 

1.3 

1.8 

 

0.03 

0.02 

0.01 

0.04 

0.04 

0.00 

0.04 

0.04 

 

.32 

.69 

.71 

.25 

.27 

1.0 

.37 

.34 

Marital Status (%) 

 Single, Never Married 

 Unmarried Partner  

 Common Law Marriage 

 Married 

 Separated 

 Divorced    

 Widowed 

 

76.1 

0.1 

0.1 

9.2 

2.3 

11.2 

0.9 

 

70.2 

0.0 

0.1 

11.2 

2.7 

14.4 

1.2 

 

0.14 

0.02 

0.00 

0.07 

0.03 

0.10 

0.03 

 

< .001 

.36 

.97 

.02 

.27 

< .001 

.26 

 

75.8 

0.1 

0.1 

9.4 

2.4 

11.3 

0.9 

 

75.8 

0.1 

0.2 

9.9 

2.0 

11.0 

1.1 

 

0.00 

0.00 

0.02 

0.02 

0.02 

0.01 

0.02 

 

1.0 

1.0 

.66 

.70 

.51 

.76 

.56 

Mental Health Status (%)         
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 No Mental Illness/Unknown 

 Has Mental Illness 

 Has Serious Mental Illness 

24.5 

48.8 

26.7 

57.9 

32.8 

9.4 

0.78 

0.32 

0.39 

< .001 

< .001 

< .001 

25.4 

49.8 

24.8 

24.0 

51.7 

24.2 

0.03 

0.04 

0.01 

.40 

.32 

.76 

Risk Score (%) 

 Low 

 Medium 

 High 

 

23.4 

36.9 

39.7 

 

34.8 

37.2 

28.0 

 

0.27 

0.01 

0.24 

 

< .001 

.81 

< .001 

 

24.0 

36.6 

39.4 

 

23.6 

35.7 

40.8 

 

0.01 

0.02 

0.03 

 

.79 

.60 

.46 

Custody Classification (%) 

 Minimum 

 Medium 

 Maximum 

 

17.1 

49.0 

33.9 

 

20.3 

65.6 

14.1 

 

0.08 

0.33 

0.42 

 

< .01 

< .001 

< .001 

 

17.7 

48.8 

33.5 

 

17.3 

49.6 

33.1 

 

0.01 

0.02 

0.01 

 

.80 

.67 

.81 

MSO at incarceration (%) 

 Public Order Offense 

 Property Offense 

 Drug Offense 

 Violent Offense 

 

8.1 

17.5 

10.7 

63.7 

 

10.5 

13.2 

12.5 

63.8 

 

0.09 

0.11 

0.06 

0.00 

 

< .01 

< .001 

.04 

.92 

 

8.2 

17.3 

10.9 

63.6 

 

8.3 

18.0 

11.6 

62.1 

 

0.01 

0.02 

0.02 

0.03 

 

.89 

.65 

.59 

.43 
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Table 5 

 

Covariate comparisons for CPS Clients and non-CPS individuals in unmatched and matched Recidivism sample 

 

 Unmatched sample Matched Sample 

 CPS Clients 

n = 1,538 

Non-CPS  

n = 18,242 

 

SMD 

 

p 

CPS Clients 

n = 1,532 

Non-CPS  

n =  1,532 

 

SMD 

 

p 

Sex (% Male) 71.5 94.3 -0.51 <.001 71.7 73.6 -0.04 .24 

Age at incarceration 31.8 (10.3) 34.9 (11.0) -0.31 <.001 31.8 (10.2) 32.0 (9.6) -0.01 .70 

Years incarcerated (total) 2.37 (2.07) 2.87 (3.67) -0.24 <.001 2.37 (2.07) 2.31 (2.40) 0.07 .06 

Prior charges (total) 8.2 (6.4) 8.3 (6.2) -0.01 .75 8.2 (6.4) 8.3 (6.8) -0.02 .55 

Race (%) 

 American Indian/Alaska Native 

 Asian/Pacific Islander 

 Black 

 White 

 

9.8 

2.2 

40.4 

47.6 

 

6.6 

1.4 

36.6 

55.5 

 

0.11 

0.06 

0.08 

-0.16 

 

<.001 

.03 

<.01 

<.001 

 

9.7 

2.1 

40.6 

47.6 

 

9.5 

2.1 

39 

49.4 

 

0.01 

0.0 

0.03 

-0.04 

 

.85 

1.0 

.36 

.31 

Highest Level of Education (%) 

 0-4th Grade 

 5-8th Grade 

 9-12th Grade, No degree 

 High School Degree 

 1-2 Years College or Vocational 

 Associate Degree 

 3 Years College 

 Bachelor’s Degree or Higher    

 

0.5 

2.9 

28.2 

44.6 

17.6 

2.8 

0.8 

2.6 

 

0.2 

2 

21.6 

49.4 

19.6 

3.9 

1.1 

2.1 

 

0.04 

0.05 

0.14 

-0.10 

-0.05 

-0.06 

-0.04 

0.03 

 

.11 

.05 

<.001 

<.001 

.05 

.02 

.13 

.22 

 

0.5 

2.9 

28 

44.6 

17.7 

2.8 

0.8 

2.6 

 

0.7 

3.3 

28 

46.1 

15.9 

2.3 

1.0 

2.6 

 

-0.02 

-0.02 

0.0 

-0.03 

0.05 

0.03 

-0.03 

0.0 

 

. 64 

.53 

1.0 

.40 

.19 

.36 

.45 

1.0 

Marital Status (%) 

 Single, Never Married 

 Unmarried Partner  

 Common Law Marriage 

 Married 

 Separated 

 Divorced    

 Widowed 

 

78.2 

0.1 

0.1 

8.4 

2.6 

9.7 

1.0 

 

72.8 

0.0 

0.1 

9.5 

2.6 

14 

0.8 

 

0.13 

0.01 

-0.02 

-0.04 

0.0 

-0.15 

0.02 

 

<.001 

.75 

.47 

.12 

.94 

<.001 

.43 

 

78.1 

0.1 

0.1 

8.4 

2.6 

9.7 

1.0 

 

78.3 

0.1 

0.1 

8.6 

2.9 

9.1 

0.8 

 

0.0 

0.0 

-0.03 

-0.01 

-0.02 

0.02 

0.02 

 

.90 

1.0 

.56 

.85 

.58 

.58 

.58 

3
5
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Mental Health Status (%) 

 No Mental Illness/Unknown 

 Has Mental Illness 

 Has Serious Mental Illness 

 

25.0 

54.7 

20.3 

 

55.3 

36 

8.7 

 

-0.70 

0.38 

0.29 

 

<.001 

<.001 

<.001 

 

25.1 

54.9 

20.0 

 

21.8 

59.0 

19.2 

 

0.08 

-0.08 

0.02 

 

.03 

.02 

.55 

Risk Score (%) 

 Low 

 Medium 

 High 

 

20.2 

40.6 

39.1 

 

25.3 

41.9 

32.8 

 

-0.13 

-0.03 

0.13 

 

<.001 

.33 

<.001 

 

20.3 

40.7 

39.0 

 

20.0 

39.8 

40.2 

 

0.01 

0.02 

-0.02 

 

.86 

.61 

.51 

Custody Classification (%) 

 Minimum 

 Medium 

 Maximum 

 

23.3 

57.9 

18.7 

 

31.7 

60.2 

8.0 

 

-0.20 

-0.05 

0.27 

 

<.001 

.08 

<.001 

 

23.4 

58.0 

18.5 

 

22.7 

58.9 

18.3 

 

0.02 

-0.02 

0.01 

 

.64 

.61 

.89 

MSO at incarceration (%) 

 Public Order Offense 

 Property Offense 

 Drug Offense 

 Violent Offense 

 

14.2 

23.5 

16.6 

45.7 

 

16.9 

19.9 

20.2 

43.0 

 

-0.08 

0.08 

-0.10 

0.05 

 

<.01 

<.01 

<.001 

.04 

 

14.2 

23.5 

16.6 

45.6 

 

13.4 

25.9 

17.0 

43.7 

 

0.02 

-0.06 

-0.01 

0.04 

 

.50 

.12 

.77 

.28 
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Propensity score model and matching  

Logistic regression was used to estimate propensity scores (Austin, 2011; Benedetto et 

al., 2018). All demographic and baseline characteristics were included in the model with no 

interaction terms and used to predict CPS Client status (0 or 1). 1-to-1 nearest neighbor pair 

matching with a caliper distance of .25x the standard deviation of the propensity scores was used 

to select non-CPS individuals for analysis (Rosenbaum & Rubin, 1985). This method ensures 

that each CPS Client was matched to exactly one non-CPS individual based on their propensity 

score. Cenzer et al., 2020 found that PSA performs adequately in various sample sizes, and 1-to-

1 matching can be used even in moderately small sample sizes (e.g., 100-300 treated 

participants). 

 After the groups were matched, bivariate analyses were used to investigate whether 

significant differences on covariates remain between the two groups. Covariate comparisons 

between CPS Clients and matched controls are presented in Table 3 (Conduct Reports), Table 4 

(Clinical Observation) and Table 5 (Recidivism). After matching, all Standardized Mean 

Differences were below the critical threshold of 0.1 (Austin, 2011). Then, to allow for models 

comparing CPS Clients to their matched controls on outcomes (Conduct Reports or Clinical 

Observation) before and after enrollment in the CPS Program, matched controls were assigned a 

“hypothetical enrollment date” based on their matched CPS Client. For example, if a CPS Client 

enrolled in the CPS Program during month 7 of their incarceration, their matched non-CPS 

individual would be assigned a hypothetical enrollment time of month 7 (Duwe & McNeeley, 

2020). Matched controls were excluded from analyses if they had less than 6 months of 

incarceration before or after their hypothetical enrollment date. 
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Participants  

Conduct Report Data 

Before matching, 1,210 CPS Clients and 13,490 unmatched non-CPS individuals were 

available for PSA. Matching resulted in a final sample of 1,130 CPS Clients and 1,130 matched 

non-CPS individuals. Figure 1 shows the Absolute Standardized Mean Difference between all 

variables included in the PSM before (clear) and after (black) matching. After excluding matched 

non-CPS individuals with less than 6 months of incarceration before and after their hypothetical 
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enrollment date, 954 matched non-CPS individuals were included for analyses. Demographic 

and baseline information for the final Conduct Report data sample can be found in Table 6. 

Table 6 

 

Covariate comparisons for final Conduct Report sample 

 CPS Clients 

n = 1,130 

Non-CPS  

n = 954 

 

p 

Sex (% Male) 68.6 69.2 .77 

Age at incarceration 30.91 (10.02) 30.81 .82 

Years incarcerated (total) 6.50 (6.29) 6.82 (6.21) .25 

Prior charges (total) 8.33 (7.09) 8.79 (10.51) .26 

Race (%) 

 American Indian/Alaska Native 

 Asian/Pacific Islander 

 Black 

 White 

 

5.8 

1.2 

43.5 

49.6 

 

6.2 

1.6 

44.0 

48.2 

 

.68 

.41 

.79 

.52 

Highest Level of Education (%) 

 0-4th Grade 

 5-8th Grade 

 9-12th Grade, No degree 

 High School Degree 

 1-2 Years College or Vocational 

 Associate Degree 

 3 Years College 

 Bachelor’s Degree or Higher    

 

0.3 

3.5 

31.5 

44 

14.6 

2.7 

1.1 

2.3 

 

0.2 

3.4 

31.4 

42.7 

16.0 

3.1 

1.4 

1.8 

 

.79 

.82 

.98 

.55 

.37 

.59 

.53 

.40 

Marital Status (%) 

 Single, Never Married 

 Unmarried Partner  

 Common Law Marriage 

 Married 

 Separated 

 Divorced    

 Widowed 

 

74.5 

0.0 

0.2 

10.2 

2.3 

11.9 

1.0 

 

74.3 

0.1 

0.0 

10.5 

2.3 

11.9 

0.8 

 

.92 

.32 

.16 

.82 

.99 

.95 

.75 

Mental Health Status (%) 

 No Mental Illness/Unknown 

 Has Mental Illness 

 Has Serious Mental Illness 

 

26.4 

49.6 

24.1 

 

26.9 

49.2 

23.9 

 

.77 

.86 

.93 

Risk Score (%) 

 Low 

 Medium 

 High 

 

25.6 

37.3 

37.2 

 

23.5 

38.5 

38.1 

 

.27 

.57 

.68 

Custody Classification (%) 

 Minimum 

 Medium 

 

19.0 

49.6 

 

19.5 

48.8 

 

.79 

.75 
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 Maximum 31.4 31.7 .91 

MSO at incarceration (%) 

 Public Order Offense 

 Property Offense 

 Drug Offense 

 Violent Offense 

 

7.6 

15.9 

12.0 

64.4 

 

6.9 

15.5 

12.6 

65.0 

 

.54 

.80 

.71 

.79 

 

Clinical Observation Data  

Before matching, 1,407 CPS Clients and 16,621 unmatched non-CPS individuals were 

available for PSA. Matching resulted in a final sample of 1,357 CPS Clients and 1,357 matched 

non-CPS individuals. Figure 2 shows the Absolute Standardized Mean Difference between all 

variables included in the PSM before (clear) and after (black) matching. After excluding matched 



44 

 

 

non-CPS individuals with less than 6 months of incarceration before and after their hypothetical 

enrollment date, 862 matched non-CPS individuals were included for analyses. Demographic 

and baseline information for the final Clinical Observation data sample can be found in Table 7. 

Table 7 

 

Covariate comparisons for final Clinical Observation sample 

 CPS Clients 

n = 1,357 

Non-CPS  

n = 862 

 

p 

Sex (% Male) 71.6 71.5 .93 

Age at incarceration 30.63 (10.28) 30.38 (9.62) .57 

Years incarcerated (total) 6.41 (6.11) 7.82 (7.12) < .001 

Prior charges (total) 8.62 (7.42) 8.90 (11.26) .52 

Race (%) 

 American Indian/Alaska Native 

 Asian/Pacific Islander 

 Black 

 White 

 

6.0 

1.4 

45.2 

47.4 

 

5.7 

2.0 

44.4 

47.9 

 

.73 

.32 

.73 

.81 

Highest Level of Education (%) 

 0-4th Grade 

 5-8th Grade 

 9-12th Grade, No degree 

 High School Degree 

 1-2 Years College or Vocational 

 Associate Degree 

 3 Years College 

 Bachelor’s Degree or Higher    

 

0.2 

3.8 

31.0 

44.0 

15.0 

2.7 

1.0 

2.3 

 

0.0 

4.4 

32.4 

42.6 

15.7 

2.4 

1.3 

1.3 

 

.08 

.46 

.51 

.51 

.69 

.67 

.49 

.07 

Marital Status (%) 

 Single, Never Married 

 Unmarried Partner  

 Common Law Marriage 

 Married 

 Separated 

 Divorced    

 Widowed 

 

75.8 

0.1 

0.1 

9.4 

2.4 

11.3 

0.9 

 

75.9 

0.1 

0.0 

9.7 

1.6 

11.0 

1.6 

 

.95 

.76 

.16 

.81 

.22 

.81 

.14 

Mental Health Status (%) 

 No Mental Illness/Unknown 

 Has Mental Illness 

 Has Serious Mental Illness 

 

25.4 

49.8 

24.8 

 

25.5 

47.8 

26.7 

 

.96 

.31 

.20 

Risk Score (%) 

 Low 

 Medium 

 High 

 

24.0 

36.6 

39.4 

 

26.5 

35.7 

37.8 

 

.20 

.67 

.47 

Custody Classification (%)    
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 Minimum 

 Medium 

 Maximum 

17.7 

48.8 

33.5 

17.2 

48.3 

34.6 

.75 

.81 

.61 

MSO at incarceration (%) 

 Public Order Offense 

 Property Offense 

 Drug Offense 

 Violent Offense 

 

8.2 

17.3 

10.9 

63.6 

 

6.3 

16.0 

11.3 

66.5 

 

.09 

.42 

.80 

.17 

 

Recidivism Data 

Before matching, 1,538 CPS Clients and 18,242 unmatched non-CPS individuals were 

available for PSA. Matching resulted in 1,532 CPS Clients and 1,532 matched non-CPS 

individuals. Figure 3 shows the Absolute Standardized Mean Difference between all variables 
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included in the PSM before (clear) and after (black) matching. Because some individuals had 

multiple periods of incarceration ending in a release, there were 1,533 records available for 

periods of incarceration during which someone was a CPS Client, and 1,791 records available for 

periods of incarceration during which individuals were not a CPS Client.  

Data Analysis 

For Conduct Report and Clinical Observation analyses, multilevel linear regression 

models were used, where monthly observations were nested within individuals and individuals 

were nested within facilities. All person-level covariates included in regression models were 

mean-centered within cluster (facilities) (Brincks et al., 2017). All categorical variables were 

converted into binary variables for each level of the original categorical variable before 

clustering. For example, the categorical variable “custody_classification” with levels 

“Minimum,” “Medium,” and “Maximum” was converted to three separate variables 

(“custody_minimum” “custody_medium” and “custody_maximum”). Then, each binary variable 

was mean-centered within cluster.  

 For Conduct Report data, four models were specified to evaluate the effect of the CPS 

Program on monthly Conduct Reports, Major and Minor Conduct Reports were evaluated 

separately, thus 12 total models were evaluated (four evaluating total Conduct Reports, four 

evaluating Major Conduct Reports, and four evaluating Minor Conduct Reports). First, one 

model was specified using a Difference-in-Difference design to determine whether there was a 

group (CPS Client vs non-CPS individual) difference in the change in monthly Conduct Reports 

after enrollment (or hypothetical enrollment) in the CPS Program. Then, a separate model was 

run to evaluate whether any impact of CPS enrollment was influenced by a participant’s race 

(Black vs not Black). Then, two models were specified to evaluate the effect of the CPS Program 
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only within CPS Clients. First, the linear relationship between the number of sessions with a CPS 

Provider and monthly Conduct Reports was evaluated. Then, the relationship between the 

number of sessions with a CPS Provider and monthly Conduct Reports for Black vs not Black 

individuals was evaluated. All models included random intercepts for individuals and facilities as 

well as the following covariates: age at first incarceration, the year of incarceration, and the total 

length of time incarcerated. For all models, only estimated values for fixed effects are presented 

in results tables. 

 For Clinical Observation data, eight models were specified to evaluate the effect of the 

CPS Program on monthly days in Clinical Observation as well as monthly Clinical Observation 

placements. First, two models were specified using the same Difference-in-Difference design to 

determine whether there was a group (CPS Client vs non-CPS individual) difference in the 

change in monthly Clinical Observation Placements or days in Clinical Observation after 

enrollment (or hypothetical enrollment) in the CPS Program. Then, two models evaluated 

whether any impact of CPS enrollment on Clinical Observation Placements or days in Clinical 

Observation was influenced by a participant’s race (Black vs not Black). Then, four models were 

specified to evaluate the effect of the CPS Program only within CPS Clients. First, the linear 

relationship between the number of sessions with a CPS Provider and monthly Clinical 

Observation Placements and days in Clinical Observation was evaluated. Then, the relationship 

between the number of sessions with a CPS Provider and monthly Clinical Observation 

Placements and days in Clinical Observation for Black vs not Black individuals was evaluated. 

All models included random intercepts for individuals and facilities as well as the following 

covariates: age at first incarceration, the year of incarceration, and the total length of time 
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incarcerated. For all models, only estimated values for fixed effects are presented in results 

tables. 

 Because individuals were released from prison at different time points and had different 

periods of follow-up, Cox Proportional Hazard regression was chosen to examine differences in 

the time to recidivism, as it corrects for differences in the length of follow-up period (Fox & 

Weisberg, 2002). Three Cox Proportional Hazard regression models were specified to evaluate 

the impact of the CPS Program. First, the impact of CPS Program participation (i.e., if someone 

was enrolled in the CPS Program before their release) was examined. Then, for only CPS 

Clients, the influence of the total number of sessions with a CPS Provider on the time to 

recidivism was evaluated. Last, a model was estimated to examine whether any difference in the 

time to recidivism between CPS Clients vs non-CPS individuals was influenced by race. For all 

Cox Proportional Hazard regression models, age and total past charges were included as 

covariates, given the strong relationship between age, past criminal history, and future likelihood 

of recidivism (Bonta et al., 1998; Hoffman & Beck, 1984). 

Results 

 

CPS Program  

 

 A total of 4,282 individuals with complete data were retained in the final CPS Client data 

set and were utilized to provide descriptive information about the CPS Program. These 

individuals participated in the CPS Program across 16 different facilities providing information. 

Data from WWRC is included in program information listed under WRC. CPS Program start 

dates were largely unavailable from OSCI (only two participants had exact start dates listed and 

full baseline data), and the majority of individuals reported as CPS Clients at FLCI (97%) were 

listed as having 0 sessions with a CPS Provider. Therefore, data are not provided from these two 
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institutions. To calculate the mean and median days until enrollment in the CPS Program after an 

individuals’ incarceration, only individuals incarcerated after the CPS Program was initiated in 

their respective institutions were utilized. Summary info for the CPS Program is provided in 

Table 8. Figures 4 and 5 show the total number of sessions with a CPS Provider and the total 

number of days enrolled in the CPS Program across the 13 facilities, respectively. 
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Table 8 

 

CPS Program information 

 

 

Minimum and Medium-security facilities 

 JCI 

n = 50 

KMCI 

n = 40 

NLCI 

n = 148 

REECC 

n = 139 

RGCI 

n = 38 

SCI 

n = 48 

 

Mean (SD) Total Sessions 18.8 (16.9) 3.9 (4.8) 12.4 (11.3) 11.5 (12.5) 10.0 (6.6) 8.5 (8.8)  

Median Total Sessions 12 3 10 6 9 6  

# 0 sessions  2 14 5 2 2 7  

# CPS Providers 10 7 7 15 4 8  

Days to enrollment 142.3 (88.2) 78.6 (19.7) 149.6 (74.3) 162.2 (129.6) 170.2 (109.3) 57.0 (46.5)  

Median days to enrollment 119.9 78.0 124.5 134.0 119.0 60.0  

Length of enrollment 243.0 (145.8) 91.1 (90.7) 179.4 (134.3) 150.30 (141.3) 114.2 (54.0) 142.6 (105.9)  

Maximum-security facilities 

 CCI 

n = 111 

DCI 

n = 2,484 

GBCI 

n = 49 

TCI 

n = 729 

WCI 

n = 53 

WRC 

n = 92 

WSPF 

n = 248 

Mean (SD) Total Sessions 24.4 (36.7) 5.5 (6.0) 18.1 (17.9) 13.7 (16.9) 6.3 (7.3) 16.3 (15.3) 21.1 (24.1) 

Median Total Sessions 10 4 10 6 4 11 11 

# 0 sessions 9 449 5 8 21 1 1 

# CPS Providers 10 24 13 22 15 10 16 

Days to enrollment 429.9 (226.8) 39.3 (90.9) 435.0 (293.3) 99.2 (128.8) 523.5 (323.5) 585.8 (446.5) 740.9 (454.5) 

Median days to enrollment 396.5 22.0 374.0 57.0 483.0 466.5 687.0 

Length of enrollment 256.0 (282.6) 79.3 (175.9) 262.1 (239.2) 192.6 (223.2) 160.8 (149.4) 214.8 (340.0)  

Note: Participant numbers do not add up to the total number of individual participants in the CPS Program (N = 4,282) because some individuals 

moved facilities, and others participated in the CPS Program at a facility not listed. 
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Figure 4  

 

Boxplot showing means and distribution of total sessions with a CPS Provider attended by CPS Clients 
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Figure 5  

 

Boxplot showing means and distribution of the total number of days enrolled in the CPS Program by CPS Clients 
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Conduct Reports 

Effect of CPS Program Participation 

Tables 9, 10, and 11 show model output for Total Conduct Reports, Minor Conduct 

Reports, and Major Conduct Reports, respectively. Being a CPS Client was associated with a 

higher overall average number of Total Conduct Reports ( = 0.028, 95% CI[0.014, 0.043], t = 

3.75, p < .001; Figure 6), Minor Conduct Reports ( = 0.014, 95% CI[0.005, 0.023], t = 2.94, p < 

.01; Figure 7), and Major Conduct Reports ( = 0.014, 95% CI[0.006, 0.022], t = 3.39, p < .01; 

Figure 8). Group assignment (CPS Client vs non-CPS individuals) was not associated with a 

change in the number of Total Conduct Reports ( = -0.001, 95% CI[-0.006, 0.004], t = -0.54, p 

= .59; Figure 6) or Minor Conduct Reports after CPS enrollment ( = 0.002, 95% CI[-0.001, 

0.006], t = 1.20, p = .23; Figure 7). However, although CPS Clients showed greater Major 

Conduct Reports overall, after enrollment, CPS Clients showed a significant decrease in Major 

Conduct Reports while non-CPS individuals showed an increase in Major Conduct Reports ( = 

-0.003, 95% CI[-0.006, -0.000], t = -2.25, p = .02; Figure 8).  

 

 

 

 

Table 9  

 

CPS Program participation predicting Total Conduct Reports (monthly) 

 

  CI t p 

(Intercept) -0.382 -10.501 – 9.738 -0.074 .94 

CPS Participation 0.028 0.014 – 0.043 3.754 < .001 

Enrollment 0.003 -0.002 – 0.008 1.079 .28 

Age -0.119 -0.135 – -0.103 -14.477 < .001 

Year of incarceration 0.581 -9.543 – 10.705 0.113 .91 

Length of incarceration -0.104 -0.149 – -0.060 -4.590 < .001 

CPS Participation*Enrollment -0.001 -0.006 – 0.004 -0.537 .59 

Note: Marginal R2 = 0.03, Conditional R2 = 0.26 



54 

 

 

Table 10  

 

CPS Program participation predicting Minor Conduct Reports (monthly) 

 

  CI t p 

(Intercept) 0.272 -6.739 – 7.283 0.076 .94 

CPS Participation 0.014 0.005 – 0.023 2.937 < .01 

Enrollment 0.003 -0.001 – 0.006 1.365 .17 

Age -0.076 -0.086 – -0.066 -14.658 <.001 

Year of incarceration -0.146 -7.160 – 6.868 -0.041 .97 

Length of incarceration -0.070 -0.101 – -0.040 -4.504 <.001 

CPS Participation*Enrollment 0.002 -0.001 – 0.006 1.199 .23 

Note: Marginal R2 = 0.02, Conditional R2 = 0.17 

 

Table 11  

 

CPS Program participation predicting Major Conduct Reports (monthly) 

 

  CI t p 

(Intercept) -4.238 -10.113 – 1.636 -1.414 .16 

CPS Participation 0.014 0.006 – 0.022 3.391 < .01 

Enrollment -0.000 -0.003 – 0.003 -0.312 .76 

Age -0.042 -0.051 – -0.033 -9.227 < .001 

Year of incarceration 4.316 -1.562 – 10.193 1.439 .15 

Length of incarceration -0.020 -0.046 – 0.005 -1.550 .12 

CPS Participation*Enrollment -0.003 -0.006 – -0.000 -2.253 .02 

Note: Marginal R2 = 0.01, Conditional R2 = 0.20 
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Effect of Race and CPS Program Participation 

Tables 12, 13, and 14 show model output for the impact of Race on CPS Program 

participation predicting monthly Total, Minor and Major Conduct Reports, respectively. Black 

individuals were found guilty of significantly greater Total Conduct Reports ( = 0.12, 95% 

CI[0.091, 0.152], t = 7.74, p < .001; Figure 9), Minor Conduct Reports ( = 0.094, 95% 

CI[0.075, 0.114], t = 9.61, p < .001; Figure 10), and Major Conduct Reports ( = 0.027, 95% 

CI[0.009, 0.044], t = 3.03, p = .002; Figure 11) compared to non-Black individuals. There was 

no difference in the effect of enrolling the CPS Program on Total Conduct Reports ( = -0.002, 

95% CI[-.012, 0.007], t = -0.47, p = .64; Figure 9), Minor Conduct Reports ( = 0.001, 95% CI[-

0.007, 0.008], t = 0.162, p = .87; Figure 10), or Major Conduct Reports ( = -0.003, 95% CI[-

0.009, 0.002], t = -1.15, p = .25; Figure 11) based on whether or not an individual was Black. 

Table 12  

 

Impact of race on CPS Program participation predicting Total Conduct Reports (monthly) 

 

  CI t p 

(Intercept) 0.936 -9.118 – 10.990 0.182 .86 

CPS Participation 0.033 0.014 – 0.052 3.384 < .01 

Enrollment 0.002 -0.005 – 0.009 0.586 .56 

Race (Black) 0.121 0.091 – 0.152 7.744 < .001 

Age -0.107 -0.124 – -0.091 -13.066 < .001 

Year of incarceration -0.793 -10.852 – 9.266 -0.155 .88 

Length of incarceration -0.110 -0.154 – -0.066 -4.890 < .001 

CPS Participation*Enrollment -0.000 -0.007 – 0.006 -0.084 .93 

CPS Participation*Race (Black) -0.011 -0.040 – 0.017 -0.775 .44 

Enrollment*Race (Black) 0.001 -0.008 – 0.011 0.286 .78 

CPS Participation*Enrollment*Race (Black) -0.002 -0.012 – 0.007 -0.472 .64 

Note: Marginal R2 = 0.04, Conditional R2 = 0.26  
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Table 13 

 

Impact of race on CPS Program participation predicting Minor Conduct Reports (monthly) 

 

  CI t p 

(Intercept) 1.015 -5.926 – 7.956 0.287 .77 

CPS Participation 0.020 0.008 – 0.032 3.300 < .01 

Enrollment 0.003 -0.002 – 0.008 1.075 .28 

Race (Black) 0.094 0.075 – 0.114 9.609 < .001 

Age -0.067 -0.078 – -0.057 -13.071 < .001 

Year of incarceration -0.933 -7.877 – 6.012 -0.263 .79 

Length of incarceration -0.074 -0.104 – -0.043 -4.771 < .001 

CPS Participation*Enrollment 0.002 -0.003 – 0.007 0.763 .45 

CPS Participation*Race (Black) -0.015 -0.033 – 0.003 -1.588 .11 

Enrollment*Race (Black) -0.001 -0.008 – 0.007 -0.146 .88 

CPS Participation*Enrollment*Race (Black) 0.001 -0.007 – 0.008 0.162 .87 

Note: Marginal R2 = 0.03, Conditional R2 = 0.18  

 

 

Table 14  

 

Impact of race on CPS Program participation predicting Major Conduct Reports (monthly) 

 

  CI t p 

(Intercept) -3.914 -9.771 – 1.942 -1.310 .19 

CPS Participation 0.013 0.002 – 0.023 2.280 .02 

Enrollment -0.001 -0.005 – 0.003 -0.689 .49 

Race (Black) 0.027 0.009 – 0.044 3.026 < .01 

Age -0.039 -0.048 – -0.030 -8.523 < .001 

Year of incarceration 3.979 -1.880 – 9.839 1.331 .18 

Length of incarceration -0.022 -0.047 – 0.004 -1.654 .10 

CPS Participation*Enrollment -0.002 -0.006 – 0.002 -0.889 .37 

CPS Participation*Race (Black) 0.004 -0.012 – 0.020 0.454 .65 

Enrollment*Race (Black) 0.002 -0.004 – 0.008 0.661 .51 

CPS Participation*Enrollment*Race (Black) -0.003 -0.009 – 0.002 -1.149 .25 

Note: Marginal R2 = 0.01, Conditional R2 = 0.20 
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Effect of Number of Sessions with a CPS Provider 

Tables 15, 16, and 17 show the relationship between the total number of sessions with a 

CPS Provider and monthly Total Conduct Reports, Major Conduct Reports and Minor Conduct 

Reports, respectively. For CPS Clients, a greater number of sessions with a CPS Provider was 

associated with fewer Total Conduct Reports ( = -0.04, 95% CI[-0.069,-0.011], t = -2.69, p = 

.007; Figure 12) and Major Conduct Reports ( = -0.028, 95% CI[-0.045, -0.010], t = -3.05, p = 

.002; Figure 13), but was not significantly associated with Minor Conduct Reports ( = -0.014, 

95% CI[-0.032, 0.005], t = -1.42, p  = .15; Figure 14).  
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Table 15  

 

Relationship between total sessions with a CPS Provider and Total Conduct Reports (monthly) 

 

  CI t p 

(Intercept) -4.311 -17.821 – 9.198 -0.626 .53 

Total CPS Sessions -0.040 -0.069 – -0.011 -2.690 < .01 

Age -0.115 -0.146 – -0.084 -7.234 < .001 

Year of incarceration 4.614 -8.872 – 18.100 0.671 .50 

Length of incarceration -0.123 -0.187 – -0.059 -3.754 < .001 

Note: Marginal R2 = 0.03, Conditional R2 = 0.32 

 

Table 16  

 

Relationship between total sessions with a CPS Provider and Major Conduct Reports 

(monthly) 

 

  CI t p 

(Intercept) 1.167 -6.989 – 9.323 0.281 .78 

Total CPS Sessions -0.028 -0.045 – -0.010 -3.049 < .01 

Age -0.045 -0.063 – -0.026 -4.673 < .001 

Year of incarceration -1.040 -9.182 – 7.102 -0.250 .80 

Length of incarceration -0.065 -0.104 – -0.026 -3.286 < .01 

Note: Marginal R2 = 0.02, Conditional R2 = 0.30  

 

Table 17 

 

Relationship between total sessions with a CPS Provider and Minor Conduct Reports 

(monthly) 

 

  CI t p 

(Intercept) -6.191 -14.881 – 2.499 -1.397 .16 

Total CPS Sessions -0.014 -0.032 – 0.005 -1.424 .15 

Age -0.070 -0.090 – -0.050 -6.896 < .001 

Year of incarceration 6.365 -2.310 – 15.040 1.438 .15 

Length of incarceration -0.055 -0.096 – -0.014 -2.605 < .01 

Note: Marginal R2 = 0.02, Conditional R2 = 0.20 
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Tables 18, 19, and 20 show the impact of Race on the relationship between total sessions 

with a CPS Provider and monthly Total, Minor and Major monthly Conduct Reports, 

respectively. There was no difference in the association between the total number of sessions 

with a CPS Provider and the number of Total Conduct Reports ( = -0.016, 95% CI[-0.076, 

0.045], t = -0.51, p = .61; Figure 15) or Minor Conduct Reports ( = 0.021, 95% CI[-0.018, 

0.059], t = 1.06, p = .29; Figure 16) depending on whether an individual was Black or not Black. 

However, for Black individuals, the relationship between total number of sessions with a CPS 

Provider and the total number of Major Conduct Reports was stronger (i.e., more negative) than 

for non-Black individuals ( = -0.041, 95% CI[-0.078, -0.005], t = -2.20, p = .03; Figure 17).  
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Table 18  

 

Impact of Race on the relationship between total sessions with a CPS Provider and Total 

Conduct Reports (monthly) 

 

  CI t p 

(Intercept) -6.022 -19.490 – 7.446 -0.876 .38 

Total CPS Sessions -0.033 -0.070 – 0.004 -1.734 .08 

Race (Black) 0.118 0.057 – 0.179 3.806 < .001 

Age -0.101 -0.133 – -0.070 -6.294 <. 001 

Year of incarceration 6.270 -7.174 – 19.715 0.914 .36 

Length of incarceration -0.116 -0.180 – -0.052 -3.564 < .001 

Total CPS Sessions*Race (Black) -0.016 -0.076 – 0.045 -0.511 .61 

Note: Marginal R2 = 0.04, Conditional R2 = 0.32 

 

Table 19 

 

Impact of Race on the relationship between total sessions with a CPS Provider and Minor 

Conduct Reports (monthly) 

 

  CI t p 

(Intercept) -7.069 -15.700 – 1.562 -1.605 .11 

Total CPS Sessions -0.020 -0.044 – 0.003 -1.672 .10 

Race (Black) 0.094 0.056 – 0.133 4.831 < .001 

Age -0.059 -0.079 – -0.039 -5.736 < .001 

Year of incarceration 7.201 -1.415 – 15.816 1.638 .10 

Length of incarceration -0.051 -0.092 – -0.010 -2.417 .02 

Total CPS Sessions*Race (Black) 0.021 -0.018 – 0.059 1.057 .29 

Note: Marginal R2 = 0.03, Conditional R2 = 0.20 

 

Table 20 

 

Impact of Race on the relationship between total sessions with a CPS Provider and Major 

Conduct Reports (monthly) 

 

  CI t p 

(Intercept) 0.211 -7.971 – 8.393 0.051 .96 

Total CPS Sessions -0.011 -0.034 – 0.011 -0.998 .32 

Race (Black) 0.024 -0.013 – 0.060 1.250 .21 

Age -0.042 -0.061 – -0.023 -4.293 < .001 

Year of incarceration -0.097 -8.264 – 8.070 -0.023 .98 

Length of incarceration -0.062 -0.101 – -0.023 -3.134 < .01 

Total CPS Sessions*Race (Black) -0.041 -0.078 – -0.005 -2.202 .03 

Note: Marginal R2 = 0.02, Conditional R2 = 0.30  
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Clinical Observation 

Effect of CPS Program Participation 

Tables 21 and 22 show model output for models examining the impact of CPS Program 

participation on Clinical Observation placements and days in Clinical Observation, respectively. 

CPS Clients showed a greater number of monthly placements ( = 0.006, 95% CI[0.003, 0.010], 

t = 3.37, p < .001; Figure 18), but not days ( = 0.017, 95% CI[-0.007, 0.041], t = 1.42, p = .16; 

Figure 19) in Clinical Observation compared to non-CPS individuals. Group assignment (CPS 

Client vs non-CPS individual) was not significantly associated with a difference in the change in 
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Clinical Observation placements ( = 0.001, 95% CI[-0.000, 0.002], t = 1.24, p = .21; Figure 18) 

or days ( = 0.002, 95% CI[-0.006, 0.009], t = 0.441, p = .66; Figure 19) per month after 

enrollment; both CPS Clients and non-CPS individuals showed an increase in both outcomes 

after enrollment.  

Table 21 

 

CPS Program participation predicting monthly Clinical Observation placements 

  CI t p 

(Intercept) -5.114 -7.036 – -3.193 -5.218 < .001 

CPS Participation 0.006 0.003 – 0.010 3.369 < .01 

Enrollment 0.002 0.001 – 0.003 3.174 < .01 

Age -0.016 -0.020 – -0.012 -8.474 <.001 

Year of incarceration 5.140 3.218 – 7.062 5.241 <.001 

Length of incarceration 0.014 0.005 – 0.022 3.210 < .01 

CPS Participation*Enrollment 0.001 -0.000 – 0.002 1.244 .21 

Note: Marginal R2 = 0.01, Conditional R2 = 0.21 

 

Table 22 

 

CPS Program participation predicting monthly Clinical Observation days 

  CI t p 

(Intercept) -38.528 -51.664 – -25.393 -5.749 < .001 

CPS Participation 0.017 -0.007 – 0.041 1.422 .16 

Enrollment 0.009 0.002 – 0.017 2.526 .01 

Age -0.068 -0.093 – -0.043 -5.291 < .001 

Year of incarceration 38.649 25.508 – 51.790 5.764 < .001 

Length of incarceration 0.136 0.079 – 0.193 4.703 < .001 

CPS Participation*Enrollment 0.002 -0.006 – 0.009 0.441 .66 

Note: Marginal R2 = 0.01, Conditional R2 = 0.19 
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Effect of Race and CPS Program Participation 

Tables 23 and 24 show model output for models examining the impact of CPS Program 

participation on Clinical Observation placements and days in Clinical Observation, respectively. 

Overall, Black participants did not show higher monthly Clinical Observation placements ( = 

0.006, 95% CI[-0.001, 0.014], t = 1.69, p = .09; Figure 20) or days in Clinical Observation ( = 

0.021, 95% CI[-0.029, 0.071], t = 0.82, p = .42; Figure 21) compared to non-Black individuals. 

However, Black individuals showed a trending difference in the change in monthly Clinical 

Observation placements ( = 0.002, 95% CI[-0.000, 0.004], t = 1.93, p = .05; Figure 20) based 

on group assignment, such that Black CPS Clients showed an increase in Clinical Observation 

placements after CPS enrollment, while non-CPS individuals showed a slight decrease in 
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Clinical Observation placements over time. Black CPS Clients did not show a significant 

difference in the change in monthly days in Clinical Observation after enrollment ( = -0.011, 

95% CI[-0.026, 0.003], t = -1.58, p = .11; Figure 21) compared to non-CPS individuals. 

Table 23 

 

Impact of Race on CPS Program participation predicting monthly Observation placements 

 

  CI t p 

(Intercept) -4.893 -6.814 – -2.971 -4.990 < .001 

CPS Participation 0.004 -0.001 – 0.009 1.657 .10 

Enrollment -0.002 -0.003 – -0.000 -2.163 .03 

Race (Black) 0.006 -0.001 – 0.014 1.691 .09 

Age -0.015 -0.019 – -0.012 -7.981 < .001 

Year of incarceration 4.915 2.992 – 6.838 5.010 < .001 

Length of incarceration 0.013 0.004 – 0.021 2.955 < .01 

CPS Participation*Enrollment -0.000 -0.002 – 0.001 -0.466 .64 

CPS Participation*Race (Black) 0.005 -0.002 – 0.011 1.295 .20 

Enrollment*Race (Black) 0.007 0.005 – 0.009 6.681 < .001 

CPS Participation*Enrollment*Race (Black) 0.002 -0.000 – 0.004 1.932 .05 

Note: Marginal R2 = 0.01, Conditional R2 = 0.21 

 

Table 24 

 

Impact of Race on CPS Program participation predicting monthly days in Clinical Observation 

 

  CI t p 

(Intercept) -37.660 -50.784 – -24.536 -5.624 < .001 

CPS Participation 0.011 -0.021 – 0.043 0.679 .50 

Enrollment -0.006 -0.015 – 0.004 -1.123 .26 

Race (Black) 0.021 -0.029 – 0.071 0.815 .42 

Age -0.065 -0.091 – -0.040 -4.993 < .001 

Year of incarceration 37.771 24.639 – 50.902 5.638 < .001 

Length of incarceration 0.132 0.075 – 0.189 4.563 < .001 

CPS Participation*Enrollment 0.007 -0.003 – 0.016 1.354 .18 

CPS Participation*Race (Black) 0.014 -0.033 – 0.061 0.577 .56 

Enrollment*Race (Black) 0.032 0.018 – 0.047 4.473 < .001 

CPS Participation*Enrollment*Race (Black) -0.011 -0.026 – 0.003  -1.581 .11 

Note: Marginal R2 = 0.01, Conditional R2 = 0.18 
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Effect of Number of Sessions with a CPS Provider 

Tables 25 and 26 show model output for models examining the impact of the total 

number of sessions with a CPS Provider on Clinical Observation placements and days in Clinical 

Observation, respectively. For CPS Clients, a greater total number of sessions with a CPS 

Provider was not associated with a significant reduction in the number of Clinical Observation 

placements ( = -0.003, 95% CI[-0.011, 0.005], t = -0.81, p = .42; Figure 22) or days in Clinical 

Observation ( = -0.023, 95% CI[-0.070, 0.025], t = -0.94, p = .35; Figure 23).  

Table 25  

 

Relationship between total CPS Sessions and total monthly Clinical Observation placements 

 

  CI t p 

(Intercept) 1.065 -2.522 – 4.652 0.582 .56 

Total CPS Sessions -0.003 -0.011 – 0.005 -0.814 .42 

Age -0.023 -0.031 – -0.015 -5.513 < .001 

Year of incarceration -1.026 -4.606 – 2.555 -0.561 .58 

Length of incarceration -0.025 -0.041 – -0.008 -2.954 < .01 

Note: Marginal R2 = 0.01, Conditional R2 = 0.31 

 

Table 26  

 

Relationship between total CPS Sessions and total monthly days in Clinical Observation 

 

  CI t p 

(Intercept) 19.924 -1.646 – 41.495 1.811 .07 

Total CPS Sessions -0.023 -0.070 – 0.025 -0.941 .35 

Age -0.091 -0.141 – -0.042 -3.604 < .001 

Year of incarceration -19.760 -41.294 – 1.774 -1.799 .07 

Length of incarceration -0.172 -0.270 – -0.073 -3.420 < .01 

Note: Marginal R2 = 0.01, Conditional R2 = 0.35 
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Tables 27 and 28 show model output from models examining the impact of Race on the 

relationship between the total number of sessions with a CPS Provider and Clinical Observation 

placements and days in Clinical Observation, respectively. For Black CPS Clients, the total 

number of sessions with a CPS Provider was associated with significantly fewer Clinical 

Observation placements ( = -0.017, 95% CI[-0.032, -0.001], t = -2.06, p = .04; Figure 24) but 

not days ( = -0.084, 95% CI[-0.180, 0.012], t = -1.72, p = .09; Figure 25), while non-Black CPS 

Clients showed a slight positive association between total sessions with a CPS Provider and 

monthly Clinical Observations days and placements. 

Table 27 

 

Impact of Race on the relationship between total sessions with a CPS Provider and total monthly Clinical 

Observation placements 

 

  CI t p 

(Intercept) 0.724 -2.867 – 4.314 0.395 .69 

Total CPS Sessions 0.004 -0.006 – 0.014 0.747 .46 

Race (Black) 0.014 -0.003 – 0.030 1.617 .11 

Age -0.021 -0.030 – -0.013 -5.060 < .001 

Year of incarceration -0.691 -4.276 – 2.893 -0.378 .71 

Length of incarceration -0.024 -0.040 – -0.007 -2.831 < .01 

Total CPS Sessions*Race (Black) -0.017 -0.032 – -0.001 -2.056 .04 

Note: Marginal R2 = 0.02, Conditional R2 = 0.31 

 

Table 28 

 

Impact of Race on the relationship between total sessions with a CPS Provider and total monthly days in 

Clinical Observation 

 

  CI t p 

(Intercept) 18.337 -3.278 – 39.951 1.663 .10 

Total CPS Sessions 0.013 -0.049 – 0.075 0.423 .67 

Race (Black) 0.051 -0.050 – 0.153 0.989 .32 

Age -0.086 -0.136 – -0.035 -3.311 < .01 

Year of incarceration -18.201 -39.777 – 3.376 -1.653 .10 

Length of incarceration -0.167 -0.266 – -0.069 -3.326 < .01 

Total CPS Sessions*Race (Black) -0.084 -0.180 – 0.012 -1.719 .09 

Note: Marginal R2 = 0.01, Conditional R2 = 0.35 
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Recidivism 

 Tables 29, 30, and 31 show results of Cox Proportional Hazard Regression models 

examining the impact of group assignment (CPS Clients vs non-CPS individuals), the total 

number of sessions with a CPS Provider, and the interaction between Race and group assignment 

on rates of recidivism, respectively. Group assignment (CPS Clients vs non-CPS individuals) 

was significantly associated with the rate of recidivism, such that individuals who were enrolled 

in the CPS program prior to their release recidivated at a significantly slower rate than 

individuals who were not (HR = .71, p < .001; Figure 26). In other words, being a CPS Client 

prior to release reduced the probability of recidivism by 29%. Among only CPS Clients, the total 
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number of sessions with a CPS Provider was not significantly associated with the rate of 

recidivism (HR = 1.0, p = .76; Figure 27). Additionally, there was an interaction effect for Black 

participants, such that Black CPS Clients showed the slowest rate of recidivism compared to 

non-Black CPS Clients, Black non-CPS individuals and non-Black, non-CPS individuals (HR = 

.71, p = .05; Figure 28).  

Table 29 

 

Results from Cox Proportional Hazard Regression model examining group assignment 

and rate of recidivism 

 

  β  HR  95% CI  p   

CPS Participation -0.34 0.71 [0.60– 0.83] < .001  

Age -0.044 0.96 [0.95– 0.97] < .001  

Total Past Charges 0.071 1.07 [1.07– 1.08] < .001  

Length of Incarceration -0.001 1.00 [0.999– 1.00] < .001  

Note: R2 = .12 

 

Table 30 

 

Results from Cox Proportional Hazard Regression model examining the impact of the total number of sessions 

with a CPS Provider and rate of recidivism among CPS Peers 

 

  β  HR  95% CI  p   

Total CPS Sessions 0.002 1.00 [0.99– 1.02] .76 

Age -0.056 0.95 [0.93– 0.96] < .001 

Total Past Charges 0.09 1.10 [1.08– 1.11] < .001 

Length of Incarceration -0.001 0.99 [0.99– 0.99] < .001 

Note: R2 = 0.12  
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Table 31 

 

Results from Cox Proportional Hazard Regression model examining the impact of Race on the relationship 

between group assignment and rate of recidivism 

 

  β  HR  95% CI  p   

CPS Participation -0.213 0.81 [0.66– 0.99] .04 

Race (Black) -0.109 0.90 [0.74– 1.09] .28 

Age -0.046 0.96 [0.95– 0.97] < .001 

Total Past Charges 0.07 1.07 [1.07– 1.08] < .001 

Length of Incarceration -0.001 0.99 [0.99– 1.00] < .001 

CPS Participation*Race (Black) -0.338 0.71 [0.51– 1.00] .05 

Note: R2 = 0.13 
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Discussion 

 

 This project is the first to evaluate the effectiveness of a peer support program operating 

in state prisons for reducing institutional misconduct, clinical observation placements, and 

recidivism after release. The CPS Program is in operation across more than 20 Wisconsin 

prisons, with 16 facilities providing full data on their CPS Clients. One hundred and seventeen 

Certified Peer Specialists have provided peer support services to over 5,000 individuals since 

April of 2017. The CPS Program varied widely across institutions, with smaller facilities having 
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only four CPS Providers (RGCI), while some larger institutions (especially intake facilities) 

report having more than 20 CPS Providers. The average number of sessions a CPS Client has 

with a CPS Provider also varied widely across institutions, ranging from under four sessions 

(KMCI) to more than twenty (CCI and WSPF).  

Data provided by the Wisconsin Department of Corrections shows that individuals 

receiving peer support services are a particularly high-risk group of individuals. CPS Clients 

show higher rates of mental health and serious mental health conditions, are more likely to be 

classified as high risk for recidivism, and a higher number are incarcerated in maximum security 

prisons compared to the non-CPS individuals. CPS Clients also show greater average numbers of 

Conduct Reports and placements in Clinical Observation per month compared to the non-CPS 

individuals. 

Overall, despite CPS Clients showing overall higher numbers of Conduct Reports, 

enrollment in the CPS Program was associated with a significant reduction in Major Conduct 

Reports compared to non-CPS individuals. Additionally, meeting with a CPS Provider for a 

greater number of sessions was associated with fewer Total and Major Conduct Reports, even 

after controlling for the length of time an individual had been incarcerated. For Black CPS Peers, 

there was an even stronger negative relationship between meeting with a CPS Provider and 

having fewer Major Conduct Reports, which is notable considering Black individuals showed 

greater numbers of Conduct Reports overall. Being a CPS Client before release from prison was 

associated with significantly lower rate of recidivism compared to individuals who were not 

enrolled in the CPS Program (29% reduction), and Black CPS Clients showed the lowest rates of 

recidivism compared to non-Black CPS Peers and all non-CPS individuals. Results showed no 

relationship between enrollment in the CPS Program and reductions in Clinical Observation 
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outcomes, however, Black CPS Peers showed a strong negative relationship between meeting 

with a CPS Provider for a greater number of sessions and having fewer Clinical Observation 

placements.  

 Individuals enrolled in the CPS Program showed higher overall monthly Total, Major and 

Minor Conduct Reports compared to individuals not enrolled in the program, however, CPS 

Program enrollment shows promising results at reducing Conduct Reports. This supports prior 

research reporting higher rates of institutional misconduct among those with mental health 

conditions in prison (Houser et al., 2012; Houser & Belenko, 2015). However, for those enrolled 

in the CPS Program, a greater number of sessions with a CPS Provider was associated with 

significantly fewer Total and Major Conduct Reports per month. These results suggest that 

although CPS Clients show generally higher rates of institutional misconduct, meeting with a 

CPS may help with an individuals’ adjustment and provide individuals with tools to cope with 

their environment. Prior research has shown that social support was associated with less 

aggression and violence in a prison setting (Gonçalves et al., 2014; Jordaan & Hesselink, 2022; 

Rocheleau, 2014, 2015) lending support for the current evaluation’s results. Moreover, although 

no changes were seen for Minor Conduct Reports, behavioral change may be better captured by 

Major Conduct Reports, which largely consist of infractions involving another individual (e.g., 

threats, assault), whereas Minor Conduct Reports are more institutional rule-based and may not 

be impacted as greatly by mental health services (e.g., loitering, inadequate work or school 

performance). 

 CPS Program enrollment not only impacted outcomes while individuals were 

incarcerated, but showed lasting effects after release from prison. Enrollment in the CPS 

Program prior to release from incarceration was associated with a 29% reduction in the rate of 
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recidivism. This is especially impactful, considering prior research has consistently shown that 

individuals with serious mental health conditions are at greater risk for substance use relapse and 

recidivism after release from prison and return to prison faster than those without mental illness 

(Baillargeon et al., 2009; Cloyes et al., 2010; Kubiak, 2004; Wallace & Wang, 2020). It is 

particularly promising that the CPS Program shows such a reduction in recidivism risk when 

considering prior research finds traditional mental health services (such as Dialectical Behavior 

Therapy) are also associated with reductions in the risk for recidivism among incarcerated 

individuals with mental health conditions (Nyamathi et al., 2018). While traditional mental 

health services are critically important for individuals in prison, results from this evaluation 

suggest the CPS Program could be just as useful in impacting outcomes.  

Prior research suggests that peer support services may be especially beneficial for 

individuals from different racial or ethnic groups, especially individuals who report high rates of 

stigma and marginalization and have historical experiences with abuse in traditional healthcare 

settings. To investigate this, analyses explored whether outcomes were different for Black CPS 

Clients compared to non-Black individuals. Overall, Black individuals were found guilty of a 

greater number of Total, Major, and Minor Conduct Reports per month compared to non-Black 

individuals. However, the negative relationship between attending a greater number of sessions 

with a CPS Provider and having fewer Major Conduct Reports and Clinical Observation 

placements was stronger for Black CPS Clients than non-Black CPS Clients. This may be 

because, for Black individuals, utilization of traditional mental health symptoms is met with 

greater stigma than for non-Black individuals (Alang, 2019; Fripp & Carlson, 2017; Ojelade et 

al., 2011), especially with so few Black DOC staff in Wisconsin institutions (Wisconsin 

Department of Corrections: Bureau of Human Resources, 2020). Prior research has shown that a 
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strong therapeutic alliance is critical for the success of mental health care, but this alliance may 

be extremely difficult to form for Black individuals in prison (Bright et al., 2022; Canada et al., 

2022; Tschuschke et al., 2020). Meeting with a peer, someone who both understands their 

background and has dealt with similar stigma, may be more acceptable and beneficial for these 

individuals, and may therefore lead to greater behavioral changes than for non-Black individuals 

who may access traditional mental health services more readily. Additionally, Black CPS Clients 

showed the lowest risk for recidivism compared to non-Black CPS Clients and all non-CPS 

individuals, which suggests the positive effects of the CPS Program while incarcerated may have 

lasting effects once an individual is released into the community.  

 While results show promising impacts of the CPS Program on institutional outcomes, this 

evaluation is not without limitations. First, a number of individuals who were enrolled in the 

CPS Program reported having 0 sessions with a CPS Provider, and an even greater number of 

individuals attended only a few sessions (i.e., less than three). These individuals were retained in 

analyses in order to model the impact of CPS Program enrollment, but may have significant 

influence on models examining group differences as they may show similar outcomes to 

individuals who have never enrolled in the CPS Program. This may mask the effect of the CPS 

Program for individuals who attend a greater number of sessions with a CPS Provider or remain 

in the CPS Program for a longer duration of time. Unfortunately, data was not available from all 

prisons to evaluate the frequency of sessions attended for those in the program, therefore this 

influence could not be fully quantified. 

Additionally, individuals transfer institutions frequently during their incarceration. 

Because of this, an individual who was previously incarcerated at a facility where Conduct 

Reports are more rare could be moved to a facility where infractions are more common, so may 
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be influenced to engage in more rule infractions at the new facility. Prior research has shown that 

juveniles in detention facilities are influenced differently depending on the frequency with which 

delinquency occurs near them, which may account for unobserved and unexplained changes in 

the frequency of Conduct Reports over time (Huefner et al., 2018; Lee & Thompson, 2009). 

Future evaluations of the effectiveness of this program should detail the institutions in which 

Conduct Reports occur in order to account for this possible bias. 

 Very few significant changes were detected when examining Clinical Observation 

outcomes. This could be for a variety of reasons. First, it is possible that because Observation 

Placements are generally uncommon across this sample, it is difficult to identify significant 

changes in these outcomes across time. Even for Black CPS Clients, who showed the greatest 

number of Clinical Observation days per month compared to non-Black CPS Clients and non-

CPS individuals, the mean number of placements in Clinical Observation changed from 

approximately 0.035 days per month to approximately 0.05 per month after enrollment. While 

this change is statistically significant, it may not represent a meaningful difference in a practical 

sense. It is also possible that for some individuals, talking about mental health concerns is more 

emotionally challenging than expected, which could lead to a greater need for Clinical 

Observation after enrolling in the CPS Program. After enrolling, these individuals may 

discontinue services once they’ve had a negative experience, so only attend a few sessions with a 

CPS, similar to prior literature finding increased treatment drop-out when therapies are trauma-

focused (Lewis et al., 2020). For Black individuals, CPS Program participation was associated 

with an increase in Clinical Observation placements after CPS Program enrollment. Research 

shows that individuals in minority racial groups are less likely to utilize mental health services 

than White individuals due to increased stigma and other concerns (Primm et al., 2005; 



88 

 

 

Steadman et al., 1991). However, it is possible that after meeting with a CPS, this stigma may be 

reduced and mental health services may be sought out more regularly, leading to greater 

placements in Clinical Observation.  

 Results from these analyses should be interpreted with caution. All institutional outcomes 

(i.e., Conduct Reports and Clinical Observation outcomes) were rare in the current sample, 

limiting the sensitivity of these statistical tests. Because of this, effect sizes reflecting the impact 

of the CPS Program were incredibly small. Furthermore, model R2 values indicate that the fixed 

effects included in all models estimating the CPS Program’s impact accounted for a very small 

percentage of the variability in the data, however, adding random intercepts in these models did 

increase the amount of the variation accounted for by the models. Future studies should consider 

how to model these rare outcomes in order to fully understand the ability of CPS Program to 

influence behavioral change.  

 In all, enrollment in the CPS Program was associated with reductions in Major Conduct 

Reports and rate of recidivism, both critical outcomes for the Wisconsin DOC. Additionally, 

attending a greater number of sessions with a CPS provider was associated with reductions in 

Total Conduct Reports and Major Conduct Reports. These results highlight the crucial role of 

this program in assisting incarcerated individuals with mental health conditions, providing them 

with social support, and giving them opportunities to take control of their mental health 

treatment. While this program cannot, and should not, fully replace traditional mental health 

services, its effectiveness at reducing negative institutional outcomes supports its use in the 

prison setting.  
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CHAPTER 4. AIM 2: CHARACTERIZING THE FACILITY-WIDE IMPACT OF THE 

CPS PROGRAM 

 

Introduction 

 

Aim 1 showed positive impacts of the CPS Program at reducing Major Conduct Reports 

as well as reducing the rate of recidivism among CPS Clients. However, there may not only be 

positive effects for the individuals directly participating in the CPS Program. Anecdotal evidence 

from prisons implemented peer support programs suggest there may be global positive effects of 

the CPS Program for the institutions as CPS Providers and Clients influence other residents 

around them. In this way, it could be that the positive effects seen in Aim 1 may “spread” to 

others in the prisons, especially on housing units where both CPS Providers and Clients reside. 

One report from Pennsylvania stated that “while no research studies have been completed yet, 

anecdotal evidence suggests that having peer specialists in a correctional setting reduces the 

number of misconducts, limits the use of administrative segregation, and improves staff/peer 

relationships” (Patrone, 2020) and staff have reported that after the start of a peer support 

program, correctional officers were “running a lot less ‘interference’ and it provides them more 

time to focus on security” (Pennsylvania DOC Staff, 2013). 

One reason to believe the CPS program may influence the institution as a whole is based 

on research by Huefner et al. (2018) showing that juveniles are primarily negatively influenced 

by their peers only when the majority of their peers are displaying delinquent behavior. In other 

words, if the CPS Program promoted a subset of individuals to desist from misconduct in prison, 

that could reduce the overall levels of misconduct to a level that would make it less likely for 

other individuals (who are not in the CPS Program) to be negatively influenced. The same study 

also found that during months when the majority of peers were not engaging in misconduct, 
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individuals were more likely to be positively influenced by their behavior (Huefner et al., 2018). 

Additionally, the presence of peers available to help other people in the prisons may create a 

safer environment, allowing staff to focus more on safety and less on crisis management or 

connecting people with services.  

 Another factor that may lead to widespread positive effects of the CPS Program is 

attitudes of institutional staff. Incarcerated individuals may not trust institution staff or may be 

intimidated or afraid to ask them for help/services (Bright et al., 2022; Canada et al., 2022). With 

the adoption of the CPS Program, various institutions have reported improving relationships 

between CPS Providers, CPS Clients, and institution staff. One institution in Pennsylvania 

reported “institutions began to recognize the benefits to prison staff as evidenced in the respect 

and support for the program shown by administration and front-line staff alike” (Patrone, 2020). 

A staff member of a Pennsylvania prison wrote in a 2013 testimonial that “staff ‘buy-in’ is 

complete and this is especially apparent in our SNU [Special Needs Units] where the officers 

request assistance from the CPS inmates [sic] on a consistent basis.” Importantly, they 

mentioned “having peers assist others makes our jobs easier and ultimately a safer environment 

for all” (Pennsylvania DOC Staff, 2013). 

While these testimonials and literature from juvenile facilities are helpful in 

understanding the role of Providers and their influence on institutions as a whole, there has been 

no quantitative evaluation as to whether a one-on-one peer support program offered in a 

correctional institution has widespread effects on behavior within the institution. As such, this 

study investigated the influence of the CPS Program on the monthly aggregated number of 

conduct reports, restrictive housing placements, and placements in clinical observation in 

Wisconsin prisons running the CPS Program.  
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Methods 

Institution Data 

All data for Aim 2 was provided by the Wisconsin Department of Corrections. For Aim 

2, the total number of Conduct Reports, Restrictive Housing Placements, and Clinical 

Observation Placements that occurred during each calendar month were provided for the 

following institutions: Columbia Correctional Institution (CCI), Dodge Correctional Institution 

(DCI), Fox Lake Correctional Institution (FLCI), Green Bay Correctional Institution (GBCI), 

Jackson Correctional Institution (JCI), Kettle Moraine Correctional Institution (KMCI), 

Milwaukee Women’s Correctional Center (MWCC), New Lisbon Correctional Institution 

(NLCI), Oshkosh Correctional Facility (OSCI), Redgranite Correctional Institution (RGCI), 

Robert E. Ellsworth Correctional Center (REECC), Stanley Correctional Institution (SCI), 

Taycheedah Correctional Institution (TCI), Waupun Correctional Institution (WCI), Wisconsin 

Resource Center (WRC), Wisconsin Secure Program Facility (WSPF). Only RH placements 

from disciplinary action were included for these analyses, therefore placements in RH for other 

reasons (e.g., administrative reasons, COVID-19 quarantine) were not included. WRC is a 

treatment facility that houses both male and female residents, however outcomes were not 

separated between male and females. Therefore, because the CPS Program started at different 

times for male and female residents at WRC, data from this institution was not analyzed for this 

project.  

Restrictive Housing and Clinical Observation data were provided from January 2010 to 

December 2022. Full aggregates of Conduct Report data were available starting in February 

2019. Additionally, only institutions with 12 months of outcome data before and after the start of 

the CSP Program were included in analyses. For this reason, SCI (CPS Start: 3/19/2022), 
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MWCC (CPS Start: 4/4/2022), and KMCI (CPS Start: 5/31/2022) were not included in all 

analyses. Furthermore, only institutions with at least 12 months of outcome data before the start 

of the COVID-19 pandemic were included in primary data analyses, due to the significant impact 

of the COVID-19 pandemic on facility operations, resident mental health, and staff vacancies 

(Bureau of Budget & Facilities Management, n.d.; McDermott et al., 2022; Wisconsin 

Department of Corrections, 2021). Therefore, primary analyses examined Restrictive Housing 

and Clinical Observation data for WSPF, OSCI, DCI and WCI. The remaining institutions (CCI, 

FLCI, GBCI, JCI, NLCI, REECC, RGCI, TCI) were included in supplemental analyses for 

Restrictive Housing and Clinical Observation outcomes. FLCI, JCI, NLCI, RGCI and REECC 

were included in supplemental analyses evaluating Conduct Reports, as all other facilities did not 

have at least 12 months of Conduct Report data available before the start of their CPS Program. 

REECC reported 0 Clinical Observation placements across nearly all months included in the data 

file, so was not included in Clinical Observation analyses. All results from supplemental 

analyses are included in Appendix A. 

To account for changes in these outcomes related to changes in the total prison 

population, month-end populations for each facility were also provided. Month-end population 

data were only available starting in 2014, therefore Restrictive Housing and Clinical Observation 

data were only utilized from January 2014 to December 2022. Then, all monthly totals for each 

outcome were divided by the total number of individuals incarcerated at that facility during the 

same month. All outcomes were analyzed using these divided totals, reflecting the number of 

instances of each outcome as a percentage of the total population.  

Interrupted Time Series analysis 
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Interrupted Time Series (ITS) analysis is a statistical method in which an outcome is 

measured continuously across a period of time and is “interrupted” by the introduction of an 

intervention or event (Bernal et al., 2017; Schaffer et al., 2021; Wagner et al., 2002). ITS is 

especially useful in investigating population-based trends when randomization into an 

intervention is not possible. This analysis allows the researcher to investigate whether there is a 

difference in the outcome after the introduction of the intervention compared to a hypothetical 

scenario in which the intervention had not occurred. For example, one recent study investigated 

whether a justice reinvestment initiative reduced the use of incarceration in the state of Oregon 

(Dollar et al., 2022).  

Autocorrelation 

Autocorrelation is the degree to which the observed variable at a given time point is 

correlated with that same variable at a previous time point. The auto-regressive integrated 

moving average (ARIMA) model can be used to remove autocorrelation from a data series to 

prevent autocorrelation from influencing the analyses. Conceptually, using the ARIMA model is 

similar to filtering the data in order to remove autocorrelation before regression modeling is used 

to determine the effects of an intervention (Campbell & Stanley, 1963). For example, Conduct 

Reports may always increase during summer months, which would mean June of one year is 

autocorrelated with June of the previous year. Additional lags are defined for seasonally 

correlated time series using the same methods described below.   

Autoregressive lags  

The ARIMA model consists of three components: p, d, and q. In addition, time series can 

contain seasonal components (P, D, Q) with separate autocorrelation patterns. The first 

component, p, indicates the number of autoregressive (AR) lags that should be included in the 
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ARIMA model. The partial autocorrelation function (PACF) is used to determine the number of 

AR lags. The PACF is a measure of the direct correlation between a variable at the current time 

and that same variable at a previous time point. Essentially, the PACF function will show which 

previous time points have a significant direct correlation on the current time point. If only the 

immediately preceding time point is significantly correlated with the current time point, that 

would indicate an AR of 1.  

Moving average lags 

The third component, q, indicates the number of moving average (MA) lags to be 

included in the model. An MA model accounts for the error of the estimated values from 

previous time points. It is called a moving average model because the model estimates will 

always move around some constant mean (or average). The autocorrelation function (ACF) 

measures the correlation between an observation and all previous observations in that time series 

and can be used to determine how many MA lags are necessary. 

The second component, d, is the number of differences applied to a variable. Differencing 

is often used to “normalize” a time series, removing any trend (e.g., upward slope). However, in 

evaluating the impact of a program on an outcome, de-trending the data would obscure any 

changes that could be detected by linear regression. Therefore, for the purposes of this project all 

data were allowed to remain non-normal, and no trends were removed using differencing. 

Regression 

 Segmented regression is a method of ITS analysis using least squares regression in which 

a time series is split into two or more “segments.” Each segment is divided by an interruption 

point, which defines the beginning or end of the segment. Then, a regression model is fit to each 

segment to estimate its level (raw change) and trend (slope). Unlike other methods of ITS 
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analysis, segmented regression includes an explicit term in the regression model for time and 

assumes a linear relationship between time and the outcome variable. One benefit of segmented 

regression is that the researcher can evaluate the impact of multiple events across one time series, 

also called Multiple Event Time Series Regression. In this case, multiple variables reflecting the 

“level” and “trend” of each variable can be included. However, one principal assumption of 

regression is that all observations of the outcome variable are independent from each other. In 

longitudinal data, this assumption is often violated because observed outcomes are related to 

their previous values (i.e., autocorrelated). The gls() function in R attempts to address this 

autocorrelation by allowing the researcher to include parameters for autocorrelated data 

(Pinheiro et al., 2023). However, this function cannot account for seasonal autocorrelation, 

potentially leaving critical noise in the time series.  

Data Analysis 

 In order to address concerns over autoregression in time series data, while retaining the 

ability to evaluate a change in the trend of each outcome after the implementation of the CPS 

Program, a novel statistical approach (Dollar, 2023; Dollar et al., 2022) was utilized whereby 

data were first “filtered” using the ARMA approach, then passed into a regression model to 

evaluate CPS Program impact.  

 This analysis was conducted in three steps, each conducted separately for each prison and 

each relevant outcome (Restrictive Housing, Clinical Observation, Conduct Reports). First, using 

the ARIMA function in the fable package in R (O’Hara-Wild et al., 2023), multiple ARIMA 

models were evaluated and compared using various (p, d, q)(P,D,Q) combinations to determine 

the most appropriate function. The Akaike Information Criterion (AIC) and Bayesian 

Information Criterion (BIC) were used to indicate the goodness of fit of the ARIMA models, 
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with lower values indicating better fitting models. Additionally, autocorrelation and partial 

autocorrelation plots were used to visually inspect all models and confirm model selection using 

the acf() and pacf() functions in R (R Core Team, 2022). As an example, when evaluating 

Restrictive Housing for one facility, the ARIMA function may find that an ARIMA model with 

specifications of (0,1,1)(0,0,1)[12] and (0,1,1)(0,0,2)[12] could fit the data (in this example, [12] 

indicates seasonality of 12 months). If the ARIMA (0,1,1)(0,0,1)[12] had a lower AIC/BIC, this 

model would be chosen. Once the most appropriate model was chosen, it was evaluated using the 

Box.test() function in the stats package in R to determine if the model successfully filtered the 

data (R Core Team, 2022). This test evaluates whether residuals from the model are different 

from white noise; a significant Q-value indicates that the residuals are not white noise, meaning 

the data has not been adequately filtered.  

 Once the ARIMA model was chosen and confirmed that the model resulted in residuals 

reflecting white noise, the model was rerun excluding only the seasonal parameters. In the above 

example, the second ARIMA model would be run using (0,1,1)(0,0,0). This way, the resulting 

ARIMA model removes only noise from the AR and MA components but leaves any noise from 

the seasonal autocorrelation in the residuals from the model. Essentially, this step results in a set 

of residual values that contain only the seasonal autocorrelation. Then, the residuals were 

extracted from this model and subtracted from the raw data, leaving a “filtered” set of outcome 

data, with no seasonal autocorrelation, to be moved onto the regression step (see Dollar, 2023 for 

a detailed explanation). 

 Once the correct ARIMA model was chosen and residuals containing seasonal 

components were removed from the raw data, the filtered data was passed into the gls() function 

to evaluate the impact of the CPS Program on each outcome. AR and MA parameters identified 
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in the original ARIMA model were included in the gls() function to remove any additional 

autocorrelation. Additionally, dummy variables indicating Time (1 - # of observations), Level 

(Pre-CPS = 0; Post-CPS Start = 1), and Trend (Pre-CPS = 0; Post-CPS Start = 1 - # observations 

after CPS Start) were included in the model. Additionally, the COVID-19 pandemic began in 

Wisconsin in March 2020, and prisons were forced to lockdown and establish strict guidelines 

for residents, which led to serious negative impacts on mental health for both prison residents 

and staff (Kim et al., 2022; Kothari et al., 2022). Because data were collected during the 

COVID-19 pandemic, it was necessary to add additional Level (Pre-COVID = 0; Post-COVID 

Start = 1) and Trend (Pre-COVID = 0; Post-COVID Start = 1 - # observations after COVID 

Start) to assess the impact of COVID-19 on institutional outcomes.  

Results 

Table 32 shows all ARIMA models chosen for each facility and outcome, as well as the 

corresponding Q and p-values. All p-values for ARIMA models were non-significant, indicating 

the chosen ARIMA models successfully filtered autocorrelation from the data. Four of the eight 

models contained seasonal components. In each case, the raw data were filtered using the 

technique described above, and filtered outcomes were utilized for analyses. For models with no 

seasonal components, raw outcomes were utilized for analyses. No differences were included in 

gls() models, even in cases where a significant trend was detected by the ARIMA model. 

Table 32 

 

ARIMA Model specification for facilities and outcomes included in primary analyses 

 

 Restrictive Housing Clinical Observation 

 ARIMA Q p ARIMA Q p 

DCI (0,1,1)(0,0,1)[12] 17.08 .85 (1,1,1)(1,0,0)[12] 23.01 .52 

OSCI (0,1,4)(0,0,2)[12] 20.16 .69 (0,1,1) 29.06 .22 

WCI (3,1,1) 21.02 .64 (3,1,0)   

WSPF (2,1,1) 19.33 .73 (1,0,1)(0,0,2)[12] 16.88 .85 
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 The mean number of RH placements across all facilities was 53.7 per month (mean as a 

percentage of the population = .04). The mean number of Clinical Observation placements across 

all facilities was 22.1 per month (mean as a percentage of the population = .02).  

DCI 

 Tables 35 and 36 show results from the gls() models predicting RH placements and 

Clinical Observation placements (as a percentage of the total population) for DCI, respectively. 

The CPS Program was associated with a significant decrease in both the level ( = -0.005, p < 

.01) and trend ( = -0.0008, p < .001) of RH placements (Figure 29). The CPS Program was not 

associated with a significant change in the level or trend of Clinical Observation placements (p’s 

> .08). 

Table 35 

 

Model output from model predicting RH placements at DCI 

 

   SE CI t p 

(Intercept) 0.0192 0.0011 0.0169 – 0.0214 16.6730 <.001 

Time 0.0007 0.0000 0.0006 – 0.0007 16.5518 <.001 

CPS level -0.0051 0.0018 -0.0086 – -0.0016 -2.9183 < .01 

CPS trend -0.0008 0.0001 -0.0010 – -0.0005 -7.0747 <.001 

COVID level 0.0044 0.0018 0.0008 – 0.0080 2.3962 .02 

COVID trend -0.0004 0.0001 -0.0007 – -0.0002 -3.7167 <.001 
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Table 36 

 

Model output from model predicting Clinical Observation placements at DCI 

 
  SE CI t p 

(Intercept) 0.0080 0.0007 0.0066 – 0.0093 11.7896 <.001 

Time -0.0000 0.0000 -0.0000 – 0.0000 -0.0909 .93 

CPS level 0.0008 0.0010 -0.0012 – 0.0028 0.8061 .42 

CPS trend 0.0001 0.0001 -0.0000 – 0.0002 1.7277 .09 

COVID level 0.0004 0.0010 -0.0017 – 0.0024 0.3504 .73 

COVID trend -0.0001 0.0001 -0.0003 – 0.0000 -1.5961 .11 
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Figure 29 

 

Time Series analysis of RH placements at DCI 
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OSCI 

 Tables 37 and 38 show results from the gls() models predicting RH placements and 

Clinical Observation placements, respectively. The CPS Program was associated with a decrease 

in the trend of both RH placements ( = -0.0003, p < .001; Figure 33) and Clinical Observation 

placements ( = -0.0001, p = .02; Figure 34), but was not associated with a significant change in 

the level of either outcome (p’s > .56). 

Table 37 

 

Model output from model predicting RH placements at OSCI 

 

   SE CI t p 

(Intercept) 0.0183 0.0013 0.0157 – 0.0210 13.6602 <.001 

Time 0.0003 0.0001 0.0002 – 0.0004 5.5272 <.001 

CPS level 0.0007 0.0012 -0.0017 – 0.0031 0.5908 .56 

CPS trend -0.0003 0.0001 -0.0005 – -0.0001 -3.6263 <.001 

COVID level -0.0019 0.0012 -0.0043 – 0.0006 -1.5265 .13 

COVID trend 0.0002 0.0001 -0.00002 – 0.0004 1.7196 .09 

 

Table 38 

 

Model output from model predicting Clinical Observation placements at OSCI 

 

   SE CI t p 

(Intercept) 0.0009 0.0004 0.0001 – 0.0016 2.2704 .03 

Time 0.0001 0.00002 0.0001 – 0.0001 6.8596 <.001 

CPS level -0.0002 0.0006 -0.0013 – 0.0009 -0.4073 .69 

CPS trend -0.0001 0.00003 -0.0001 – -0.0000 -2.4445 .02 

COVID level -0.0018 0.0006 -0.0030 – -0.0007 -3.1689 <.01 

COVID trend -0.0001 0.00003 -0.0001 – -0.00003 -3.0656 < .01 
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Figure 33 

 

Time Series analysis of RH placements at OSCI 
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Figure 34 

 

Time Series analysis of Clinical Observation placements at OSCI 

 

 
WCI 

 Tables 39 and 40 show results from the gls() models predicting RH placements and 

Clinical Observation placements, respectively. The CPS Program was not associated with a 

significant change in the level or trend of RH placements (p’s > .42) or Clinical Observation 

placements (p’s > .29). 
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Table 39 

 

Model output from model predicting RH placements at WCI 

 

   SE CI t p 

(Intercept) 0.0422 0.0054 0.0314 – 0.0529 7.7775 <.001 

Time 0.0007 0.0002 0.0004 – 0.0010 4.1857 <.001 

CPS level -0.0077 0.0096 -0.0268 – 0.0113 -0.8049 .42 

CPS trend -0.0005 0.0009 -0.0022 – 0.0013 -0.5374 .59 

COVID level -0.0069 0.0097 -0.0260 – 0.0123 -0.7136 .48 

COVID trend 0.0001 0.0009 -0.0018 – 0.0020 0.1099 .91 

 

Table 40 

 

Model output from model predicting Clinical Observation placements at WCI 

   SE CI t p 

(Intercept) 0.0315 0.0054 0.0208 – 0.0422 5.8317 <.001 

Time 0.0002 0.0002 -0.0001 – 0.0005 1.1148 .27 

CPS level -0.0093 0.0089 -0.0269 – 0.0083 -1.0520 .30 

CPS trend 0.0001 0.0008 -0.0015 – 0.0017 0.1219 .90 

COVID level 0.0048 0.0088 -0.0127 – 0.0224 0.5481 .59 

COVID trend 0.0001 0.0009 -0.0017 – 0.0019 0.1428 .89 

 

WSPF 

Tables 41 and 42 show results from the gls() models predicting RH placements and 

Clinical Observation placements, respectively. The CPS Program was associated with a 

significant decrease in the level of RH placements ( = -0.016, p < .01; Figure 38), but was not 
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associated with a change in the trend of RH placements (p = .21). The CPS Program was not 

associated with a change in the level or trend of Clinical Observation placements (p’s > .11). 

Table 41 

 

Model output from model predicting RH placements at WSPF 

 

   SE CI t p 

(Intercept) 0.0175 0.0035 0.0106 – 0.0243 5.0545 <.001 

Time 0.0007 0.0002 0.0004 – 0.0010 4.5634 <.001 

CPS level -0.0158 0.0050 -0.0256 – -0.0059 -3.1717 < .01 

CPS trend -0.0003 0.0002 -0.0007 – 0.0002 -1.2514 .21 

COVID level -0.0033 0.0051 -0.0135 – 0.0069 -0.6438 .52 

COVID trend -0.0003 0.0003 -0.0009 – 0.0002 -1.3599 .18 

 

Table 42 

 

Model output from model predicting Clinical Observation placements at WSPF 

 

   SE CI t p 

(Intercept) 0.0336 0.0043 0.0250 – 0.0421 7.8089 <.001 

Time 0.0001 0.0002 -0.0002 – 0.0005 0.8437 .40 

CPS level 0.0074 0.0045 -0.0016 – 0.0164 1.6258 .11 

CPS trend -0.0004 0.0003 -0.0010 – 0.0002 -1.2980 .20 

COVID level 0.0016 0.0046 -0.0075 – 0.0107 0.3461 .73 

COVID trend -0.0001 0.0003 -0.0007 – 0.0006 -0.2630 .79 
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Figure 38 

 

Time Series analysis of RH placements at WSPF 

 

 
 

Discussion 

Based on anecdotal reports citing widespread positive influences of peer support 

specialists on behavior while incarcerated, this Aim evaluated the impact of the CPS Program on 

aggregated monthly totals of RH placements and Clinical Observation placements. Using both 

ARIMA methods and linear regression to account for autoregression, models evaluated whether 

there were changes in the overall level (i.e., number of) and trend (change over time) of each 

outcome after the CPS Program began in each facility. Models were run separately for each 

facility and institutional outcome. 
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This analysis was significantly impacted by the temporal relationship of the CPS program 

initiations with the onset COVID-19 pandemic, which had widespread impacts across the 

correctional system in Wisconsin and the United States. Staff vacancy rates increased (Bureau of 

Budget & Facilities Management, n.d.), mental health declined (Kim et al., 2022; Kothari et al., 

2022), and security concerns were heightened across facilities. During this time, Restrictive 

Housing cells were used for quarantining residents who showed symptoms of COVID-19, which 

may have impacted the availability of these cells for disciplinary RH placements and may have  

resulted in a reduction in the overall number of residents in the general population of the prison 

that could engage in delinquent conduct. Only four facilities (WSPF, OSCI, DCI, and WCI) 

started the CPS Program at least 12 months before the beginning of the COVID-19 pandemic, 

therefore impacts of the CPS Program were easier to discern for these four facilities, relative to 

other facilities. Interestingly, for three of these four facilities, analyses demonstrated significant 

decreases in RH placements, and for one (OSCI) a decrease in Clinical Observation placements 

was also seen. Conduct Report data was only available starting in 2019, therefore the specific 

impact of the CPS Program, separate from the impact of COVID, was especially difficult to 

discern from these data.   

Although the impact of the COVID-19 pandemic cannot be overstated, results showing 

decreases in RH placements for facilities with an established CPS Program before the COVID-

19 pandemic (i.e., running for at least one year) are especially promising. At both DCI at OSCI, 

RH placements showed an increase over time before the CPS Program. However, at both 

facilities the start of the CPS Program appeared to flatten this increase and was associated with a 

significant change in the trend of RH placements at these facilities. At DCI specifically, the start 

of the CPS Program was associated with an immediate decrease in the number of RH placements 
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as well. Although the effect of other policy changes cannot be ruled out, there was clearly a 

significant change in RH placements at both facilities immediately after the CPS Program began. 

Although RH placements still appeared to be increasing after the start of the CPS Program at 

WSPF, the implementation of the program was associated with a significant decrease in the slope 

of this line, meaning RH placements were increasing at a reduced rate compared to before.  

Clinical Observation placements, as in Aim 1, were relatively rare (mean as a percentage 

of the population = 0.02) and therefore made it difficult to determine statistically significant 

changes in the outcome over time. However, although Clinical Observation placements still 

appeared to increase over time, OSCI did show a less steep increase in Clinical Observation 

placements after the start of the CPS Program compared to before its implementation. No other 

facilities showed significant changes in Clinical Observation placements in relation to the CPS 

Program. 

 This Aim is not without limitations. While the impact of the COVID-19 pandemic and 

the total number of individuals incarcerated in each facility was accounted for in analyses, there 

may have been other policy changes or facility-wide changes that may have impacted the number 

of RH placements or Clinical Observation placements over time. Staff vacancy rates are known 

to change the operation of a facility, with fewer staff leading to security concerns and often 

restrictive movement of residents outside of their housing units. Additionally, the number of CPS 

Providers working at each facility during a given month was unknown, therefore the number of 

Providers and the number of Clients meeting with a CPS Provider could not be accounted for. 

Furthermore, some facilities may require that CPS Providers only meet with Clients on the same 

housing unit. This may limit the widespread effect of the CPS Program but might also lead to 

more focused impacts of the program on the housing units where CPS Providers are operating. 
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Future research should consider specific housing units as units of analysis to evaluate these 

potential localized effects.  

 Results from this Aim are an important step in understanding the facility-wide impacts of 

the CPS Program, and suggest that especially in facilities where the program is well established, 

there appear to be facility-wide reductions in select negative institutional outcomes. While this is 

the first project to analyze time series data to evaluate changes in facility-wide outcomes, more 

research is necessary to fully understand the impact of the CPS Program on facilities as a whole. 

Importantly, qualitative research should involve CPS Providers, CPS Clients, and prison staff in 

order to understand exactly what factors of the CPS Program are most beneficial to each group 

and how those factors can be expanded upon. These individuals may also share insight into other 

outcomes that may have been overlooked for the purposes of these analyses. Anecdotal reports 

suggest that the attitudes of prison staff towards residents improved after the CPS Program 

began, which may be a critical factor in not only the program’s success, but also the facility-wide 

impacts it may have. Facilities where staff are completely supportive of the program may see 

even more positive results, whereas facilities that show more reservations may see minimal 

impacts. These factors will be critical to understand moving forward as the CPS Program 

expands to additional facilities with unique residents and staff.
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CHAPTER 5. GENERAL DISCUSSION 

 

Summary 

 

This project is the first to evaluate the effectiveness of a prison peer specialist program to 

reduce institutional outcomes and rates of recidivism after release. Aim 1 used Propensity Score 

Matching to estimate a group of matched controls, then used linear mixed effects models to 

evaluate the effect of the CPS Program on monthly instances of each outcome. Results showed 

that the CPS Program was associated with reduced Major Conduct Reports and lower rates of 

Recidivism among CPS Clients compared to individuals not involved in the CPS Program. 

Among CPS Clients, a greater number of sessions with a CPS Provider was associated with 

fewer monthly Conduct Reports and Major Conduct Reports. Additionally, results showed 

unique effects for Black CPS Clients, such that there was a stronger relationship between the 

number of sessions with a CPS Provider and having fewer instances of Major Conduct Reports 

and Black CPS Clients showed the lowest rates of Recidivism compared to other groups.   

 Aim 2 evaluated whether there were facility-wide impacts of the CPS Program on 

Restrictive Housing Placements and Clinical Observation placements for facilities with an 

established CPS Program before the start of the COVID-19 pandemic. Results showed 

reductions in Restrictive Housing placements at three of four facilities that implemented the CPS 

Program at least one year before the start of the pandemic. Aim 2 analyses revealed no changes 

in Clinical Observation placements at the majority of facilities examined but noted reductions in 

this outcome at OSCI.  

 Collectively, these results suggest the CPS Program can positively impact the lives of the 

individuals who receive peer services. Conduct Reports, especially Major Conduct Reports, can 

lead to disciplinary actions including loss of visitation days, loss of other privileges, or even 
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placements in Restrictive Housing. For the institution, Conduct Reports and Restrictive Housing 

are costly. One report estimated that each Conduct Report that resulted in a guilty verdict cost 

the institution over $1000, so even minimal reductions in these outcomes could be crucial 

(Lovell & Jemelka, 1996). Additionally, housing an individual in Restrictive Housing instead of 

the general population is not only extremely financially costly (James & Vanko, 2021), but also 

has major implications for mental health, readiness for release, and can exacerbate feelings of 

stress and hopelessness in an already stressful environment (James & Vanko, 2021). 

Furthermore, Restrictive Housing units are significantly more physically and emotionally 

demanding for prison staff, something the DOC cannot afford at a time when staff vacancies are 

so high (James & Vanko, 2021). Reductions in Conduct Reports reduce the likelihood of these 

negative consequences for not only the individuals involved, but those around them. Prior 

research shows how critical support from family and friends is for incarcerated individuals, so 

allowing them to continue receiving this support, not only from CPS Providers but from their 

family and friends, is crucial to promoting their success after release. Reductions in overall 

placements in Restrictive Housing at facilities running the CPS Program before the COVID-19 

pandemic support this idea. Building on research showing that juveniles only engaged in 

delinquent behavior when the majority of their peers were doing the same (Huefner et al., 2018), 

when Clients have support from their Providers, they may be less likely to engage in disruptive 

behavior, which influences others around them to desist from disruptive behavior as well. 

Having a CPS Provider on a housing unit can also help in de-escalating situations that might 

have otherwise ended in being charged with a Conduct Report or being sent to Restrictive 

Housing. 
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Limitations 

 

 This study is not without limitations and should be interpreted with caution. As 

previously mentioned, institutional outcomes included in Aim 1 were rare, meaning model 

estimates may be imprecise. Effect sizes of the CPS Program impact on institutional outcomes 

were also very small, meaning the CPS Program may only have a weak effect on these outcomes 

or changes could be due to other influences. Importantly, individuals were not randomized to 

enroll in the CPS Program. Although this is an issue inherent to quasi-experimental study design 

and measures were taken to reduce its impact, causality cannot be determined. CPS enrollment 

was available to any resident of a facility running the CPS Program with no exclusion criteria. 

This might mean that individuals who choose to enroll in the CPS Program display different 

qualities that could not be controlled for in these analyses. CPS Clients may have an intrinsic 

motivation to improve their conduct, more knowledge of mental health and opportunities for 

mental healthcare, or may be engaging in additional programming (e.g., mental health groups, 

educational programming) outside of the CPS Program. Data on these factors were not available 

at the time of this project but should be considered when interpreting its results and when 

expanding analyses to future populations.   

 An additional limitation was in accessing data collected by various institutions across the 

Wisconsin DOC. Data privacy is critical to retain the confidentiality of individuals incarcerated 

in prisons, so many steps were necessary before gaining access to the data necessary to complete 

this project. Furthermore, data quality and collection measures were inconsistent across facilities 

included in the final analyses, requiring many hours of data cleaning and consolidation to ensure 

duplicate data was removed and data that was retained was as accurate as possible. Data 

collection in a research setting is difficult, but retrieving data from facilities untrained in data 
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collection techniques entails additional challenges. Hopefully, the completion of this project and 

the initial steps taken to create a system in which data can be collected uniformly across sites 

will aid in future evaluations of the CPS Program. Moreover, partnerships between state 

Departments of Corrections and academic universities can alleviate the burden of performing 

these program evaluation projects and provide valuable opportunities for student researchers to 

work with institutional data and utilize statistical techniques that are not commonly taught in 

graduate coursework.  

 Another limitation to this project was the inclusion of a limited set of outcomes to 

determine CPS Program success. Restrictive housing placements, clinical observation 

placements, conduct reports, and recidivism are critical outcomes for prisons across the country. 

However, these are not the only outcomes that can be used to measure program success. Prior 

research has shown that peer support is especially effective an improving self-esteem, general 

well-being, and has positive impacts on empowerment and recovery (Davidson et al., 2004; 

Lloyd-Evans et al., 2014; White et al., 2020). These outcomes are not fully captured in 

evaluating institutional outcomes on their own. Additionally, evaluating recidivism as a measure 

of success in the community is inadequate (Goldstein, 2014; Klingele, 2019; Rosenfeld & Grigg, 

2022). Recidivism, which is a dichotomous measure of whether an individual is convicted for a 

new period of incarceration after their release, is too narrow of a focus to consider a person’s 

success after prison. In other words, recidivism is a dichotomous measure of an individual’s 

“failure” without considering periods of success. Individuals entering the community must find 

employment and housing, find access to mental and physical healthcare services, and reintegrate 

with their families and communities, all while coping with the stigma of serving a prison 

sentence. Instead, research should evaluate desistance, or what “success” looks like for 
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individuals, including factors promoting employment, housing, treatment adherence, or 

reintegration into families and communities (Rosenfeld & Grigg, 2022).   

 Furthermore, this study did not evaluate the impact of the CPS Program for the 

individuals who provide peer support services. Eligibility for CPS Providers requires that these 

individuals are relatively well-adjusted to the prison environment and requires no guilty verdicts 

for a major conduct report for at least one year before applying to be a CPS. For this reason, the 

outcomes included in this study were not as relevant to CPS Providers. However, other benefits 

may come from working as a CPS while incarcerated (e.g., employment as a community CPS 

following release) and these benefits should be explored. 

Future Directions 

 While results from the current study are promising, additional research should consider 

expansions and future directions based on these analyses. First, future research should analyze 

the impact of the CPS Program on restrictive housing placements as was done in Aim 1 for 

conduct reports and placements in clinical observation. Due to time constraints, this was not 

completed for the current study, but may provide interesting insights into the range of the impact 

of the CPS Program. Results from Aim 2 suggest the CPS Program may influence reductions in 

this outcome, but research is necessary to evaluate what groups show these reductions.  

 Building off Aim 1, future research should evaluate the impact of the COVID-19 

pandemic on group differences in clinical observation placements, restrictive housing placements 

and conduct reports. This project was conducted as facilities started to return to “normal” after 

the COVID-19 pandemic changed so many operations. In March 2022, in-person visitation was 

resumed across all facilities, signaling an end to many of the restrictions in place during the 

heigh of the pandemic (Wisconsin DOC Media, 2022). Data collected for this project ended in 
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December 2022, meaning only 9 months of data was collected after the COVID-19 pandemic 

visitor restrictions ended across DOC facilities. Nonetheless, a severe staffing shortage that 

began during the pandemic has persisted through the present time. Future research should 

consider the impact of the pandemic on CPS Clients compared to individuals not involved in the 

CPS Program, and should compare outcomes to individuals incarcerated before the start of the 

COVID-19 pandemic. These analyses will illustrate whether the CPS Program may have 

alleviated some of the stress associated with being incarcerated during a global pandemic, or 

whether COVID-related restrictions negatively impacted individuals regardless of any additional 

programming.  

 Future studies should also involve the individuals who have the most direct knowledge of 

how and why the CPS Program works – CPS Providers, Clients, and prison staff. Qualitative 

studies should involve these groups and gain insight into their experiences with the program. 

Importantly, research should investigate what outcomes they see as the most relevant for 

program effectiveness. As noted above, institutional outcomes such as restrictive housing 

placements may not capture the full impact the CPS Program has on the individuals involved. 

Measures of well-being, success of interpersonal interactions, or feelings of hopelessness while 

incarcerated may be more relevant. CPS Providers likely have valuable insight into what aspects 

of peer support work, and could provide valuable information pertaining to the mechanisms of 

the program’s success.  

Additionally, the impact of working as a CPS Provider could not be evaluated in the 

scope of the current project. However, previous research has shown that providing peer support 

has positive impacts on the providers themselves (Fortuna et al., 2022). Future research, 

informed by CPS Providers and prison staff, should evaluate whether there are positive effects 
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for CPS Providers not only while they are incarcerated, but also after their release. Because CPS 

Providers are licensed by the State of Wisconsin as part of their training, it is logical to assume 

these individuals may be set up for greater success in securing meaningful employment upon 

their release into the community.  

 A randomized-controlled trial (RCT) would provide more definitive evidence on the 

effectiveness of the CPS program, and may also provide valuable insight into the mechanisms 

for success of the CPS Program. While limiting enrollment into the CPS Program presents 

ethical concerns, especially considering how many individuals sought out services on their own, 

a trial comparing individuals randomized to the waitlist for the CPS Program compared to those 

receiving services would remove the confounding influence of self-selection in the program on 

critical outcomes. Additionally, an RCT would allow researchers to more easily evaluate 

important outcomes (e.g., well-being, hopelessness) determined by qualitative reports, as well as 

the impact of working as a CPS Provider over time.  

Conclusion 

 All in all, this project represents an important partnership between academic researchers 

and the Wisconsin DOC, and a critical first step in evaluating the effectiveness of the Certified 

Peer Specialist Program in Wisconsin prisons. There is an urgent need for mental healthcare 

among incarcerated individuals, who show increased rates of nearly all mental health disorders 

compared to the community, but traditional mental healthcare may not be the only avenue for 

providing these services. Peer support provides a critical opportunity to expand mental health 

services to individuals who may not trust healthcare providers without lived experience, and 

provides especially crucial support to a population suffering from pronounced stigma. Results 
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show promising reductions in negative outcomes for individuals receiving peer services and lend 

support for its expansion across additional facilities in Wisconsin and beyond. 
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APPENDIX A 

 

Results from Aim 2 Supplemental Analyses 

 

Eight of the 22 models contained seasonal components. In each case, the raw data were filtered 

using the technique described above, and filtered outcomes were utilized for analyses. For 

models with no seasonal components, raw outcomes were utilized for analyses. No differences 

were included in gls() models, even in cases where a significant trend was detected by the 

ARIMA model.  

 

Supplemental Table 1. 

 

ARIMA Model specification for all facilities and outcomes included in supplemental analyses 

 

 Restrictive Housing Clinical Observation Conduct Reports 

 ARIMA Q p ARIMA Q p ARIMA Q p 

CCI (0,1,1)(0,0,2)[12] 17.84 .81 (2,1,0)(1,0,0)[12] 16.19 .88 NA   

FLCI (0,0,1)(0,0,1)[12] 22.29 .56 (0,0,1) 19.37 .73 (0,1,2) 11.24 .99 

GBCI (0,1,1)(0,0,2)[12] 16.06 .89 (2,0,0) 13.65 .95 NA   

JCI (0,1,1) 22.75 .54 (0,1,1) 21.53 .61 (0,1,1) 16.42 .87 

NLCI (0,1,1)(1,0,0)[12] 20.69 .66 (0,0,1) 22.03 .58 (0,1,1)(1,0,0)[12] 28.57 .24 

RGCI (0,0,1) 20.30 .68 (1,0,0) 25.06 .40 (3,0,0) 27.12 .30 

REECC (2,0,1) 19.29 .74 NA   (0,1,1)(1,0,0)[12] 17.80 .81 

TCI (2,0,1)(2,0,1)[6] 30.44 .17 (1,0,0) 14.26 .94 NA   

 

 The mean number of RH placements across all facilities was 41.5 per month (mean as a 

percentage of the population = .04). The mean number of Clinical Observation placements across 

all facilities was 13.8 per month (mean as a percentage of the population = .02). The mean 

number of Conduct Reports across the five facilities included in analyses was 129 per month 

(mean as a percentage of the population = .14).  

CCI 

 Supplemental Tables 2 and 3 show results from the gls() models predicting RH 

placements and Clinical Observation placements (as a percentage of the total population) for 
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CCI, respectively. The CPS Program was not associated with a significant change in the level or 

trend of RH placements over time (p’s > .85). Similarly, the CPS Program was not associated 

with a significant change in the level or trend of Clinical Observation placements over time (p’s 

> .35).  

Supplemental Table 2 

 

Model output from model predicting RH placements at CCI 

 

   SE CI t p 

(Intercept) 0.0439 0.0026 0.0388 – 0.0490 17.1881 <.001 

Time 0.0004 0.0001 0.0002 – 0.0005 5.5151 <.001 

CPS level -0.0012 0.0070 -0.0150 – 0.0126 -0.1784 .86 

CPS trend -0.0001 0.0017 -0.0035 – 0.0032 -0.0641 .95 

COVID level -0.0075 0.0060 -0.0193 – 0.0043 -1.2625 .21 

COVID trend 0.0013 0.0017 -0.0021 – 0.0048 0.7842 .44 

 

Supplemental Table 3 

 

Model output from model predicting Clinical Observation placements at CCI 

 

   SE CI t p 

(Intercept) 0.0168 0.0133 -0.0095 – 0.0431 1.2661 .21 

Time 0.0002 0.0003 -0.0005 – 0.0009 0.5873 .56 

CPS level 0.0306 0.0330 -0.0349 – 0.0960 0.9269 .36 

CPS trend -0.0038 0.0081 -0.0198 – 0.0122 -0.4728 .64 

COVID level 0.0114 0.0283 -0.0447 – 0.0674 0.4024 .69 

COVID trend 0.0076 0.0082 -0.0087 – 0.0239 0.9245 .36 
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FLCI 

 Supplemental Tables 4, 5, and 6 show results from the gls() models predicting RH 

placements, Clinical Observation placements, and Conduct Reports, respectively. The CPS 

Program was associated with a significant decrease in the trend ( = -0.0003, p = .02), but not 

level (p = .48), of RH placements (Figure 30). The CPS Program was not associated with any 

changes in the level or trend of Clinical Observation placements (p’s > .13). The CPS Program 

was associated with a significant increase in the level ( = 0.032, p < .001), but was not 

associated with a change in the trend in Conduct Reports (p = .10; Figure 31). 

Supplemental Table 4 

 

Model output from model predicting RH placements at FLCI 

 

   SE CI t p 

(Intercept) 0.0332 0.0005 0.0323 – 0.0341 71.1913 <.001 

Time 0.0000 0.0000 0.0000 – 0.0000 2.4843 .02 

CPS level -0.0010 0.0014 -0.0038 – 0.0018 -0.7083 .48 

CPS trend -0.0003 0.0001 -0.0006 – -0.0000 -2.2972 .02 

COVID level -0.0040 0.0012 -0.0064 – -0.0016 -3.3364 <.01 

COVID trend 0.0003 0.0001 0.0001 – 0.0005 2.4473 .02 
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Supplemental Figure 1 

 

Time Series analysis of RH placements at FLCI 

 

 
Supplemental Table 5 

 

Model output from model predicting Clinical Observation placements at FLCI 

 
  SE CI t p 

(Intercept) 0.0023 0.0000 0.0023 – 0.0024 90.4029 <.001 

Time 0.0000 0.0000 -0.0000 – 0.0000 0.5902 .56 

CPS level 0.0001 0.0001 -0.0001 – 0.0002 1.0596 .29 

CPS trend 0.0000 0.0000 -0.0000 – 0.00003 1.5128 .13 

COVID level 0.0001 0.0001 -0.00005 – 0.0002 1.2375 .22 

COVID trend -0.00001 0.00007 -0.00003 – 0.0000 -1.9386 .06 
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Supplemental Table 6 

 

Model output from model predicting Conduct Reports at FLCI 

 

   SE CI t p 

(Intercept) 0.1074 0.0072 0.0927 – 0.1220 14.8145 <.001 

Time 0.0010 0.0010 -0.0010 – 0.0030 1.0278 .31 

CPS level 0.0315 0.0080 0.0154 – 0.0476 3.9532 <.001 

CPS trend -0.0011 0.0006 -0.0024 – 0.0002 -1.7001 .10 

COVID level 0.0158 0.0102 -0.0047 – 0.0363 1.5540 .13 

COVID trend -0.0012 0.0010 -0.0032 – 0.0007 -1.2856 .21 

 

Supplemental Figure 2 

 

Time Series analysis of Conduct Reports at FLCI 

 

 
GBCI 

Supplemental Tables 7 and 8 show results from the gls() models predicting RH 

placements and Clinical Observation placements, respectively. The CPS Program at GBCI was 
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not associated with a change in the level or trend of RH placements (p’s > .20) or Clinical 

Observation placements (p’s > .12).  

Supplemental Table 7 

 

Model output from model predicting RH placements at GBCI 

 

   SE CI t p 

(Intercept) 0.0449 0.0029 0.0393 – 0.0506 15.7021 <.001 

Time 0.0005 0.0001 0.0004 – 0.0006 7.2486 <.001 

CPS level -0.0102 0.0079 -0.0258 – 0.0053 -1.3045 .20 

CPS trend -0.0022 0.0024 -0.0069 – 0.0025 -0.9114 .36 

COVID level 0.0039 0.0062 -0.0084 – 0.0162 0.6269 .53 

COVID trend 0.0019 0.0024 -0.0029 – 0.0066 0.7821 .44 

 

Supplemental Table 8 

 

Model output from model predicting Clinical Observation placements at GBCI 

 

   SE CI t p 

(Intercept) 0.0417 0.0040 0.0337 – 0.0497 10.3535 <0.001 

Time -0.0002 0.0001 -0.0004 – -0.0000 -2.3859 .02 

CPS level -0.0052 0.0057 -0.0165 – 0.0061 -0.9186 .36 

CPS trend 0.0030 0.0019 -0.0008 – 0.0067 1.5594 .12 

COVID level 0.0027 0.0048 -0.0068 – 0.0123 0.5696 .57 

COVID trend -0.0025 0.0020 -0.0065 – 0.0014 -1.2610 .21 

 

JCI 

 Supplemental Tables 9, 10, and 11 show results from the gls() models predicting RH 

placements, Clinical Observation placements, and Conduct Reports, respectively. The CPS 

Program was not associated with a change in the level or trend of RH placements (p’s > .11) or 
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Clinical Observation placements (p’s > .07). However, the CPS Program was associated with a 

significant decrease in the level of Conduct Reports ( = -0.03, p < .001; Figure 32), followed by 

a significant increase in the trend of Conduct Reports ( = 0.03, p < .001; Figure 32). 

Supplemental Table 9 

 

Model output from model predicting RH placements at JCI 

 

   SE CI t p 

(Intercept) 0.0228 0.0015 0.0199 – 0.0257 15.5294 <.001 

Time 0.0002 0.0000 0.0001 – 0.0002 4.6974 <.001 

CPS level -0.0010 0.0044 -0.0096 – 0.0077 -0.2256 .82 

CPS trend 0.0007 0.0004 -0.0002 – 0.0016 1.6060 .11 

COVID level 0.0031 0.0036 -0.0041 – 0.0103 0.8529 .40 

COVID trend -0.0004 0.0003 -0.0011 – 0.0003 -1.0670 .29 

 

Supplemental Table 10 

 

Model output from model predicting Clinical Observation placements at JCI 

 

   SE CI t p 

(Intercept) 0.0006 0.0005 -0.0004 – 0.0015 1.1953 .235 

Time 0.0001 0.0000 0.0000 – 0.0001 5.1785 <.001 

CPS level -0.0025 0.0014 -0.0052 – 0.0002 -1.8365 .07 

CPS trend 0.0001 0.0001 -0.0002 – 0.0004 0.6343 .53 

COVID level -0.0006 0.0011 -0.0029 – 0.0017 -0.5049 .62 

COVID trend -0.0000 0.0001 -0.0003 – 0.0002 -0.3753 .71 
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Supplemental Table 11 

 

Model output from model predicting Conduct Reports at JCI 

 

   SE CI t p 

(Intercept) 0.1173 0.0044 0.1085 – 0.1262 26.7089 <.001 

Time 0.0012 0.0006 0.0001 – 0.0024 2.1603 .04 

CPS level -0.0275 0.0045 -0.0366 – -0.0184 -6.0895 <.001 

CPS trend 0.0026 0.0003 0.0019 – 0.0033 7.7308 <.001 

COVID level 0.0048 0.0056 -0.0066 – 0.0161 0.8435 .40 

COVID trend -0.0010 0.0005 -0.0021 – 0.0001 -1.7466 .09 

 

Supplemental Figure 3 

 

Time Series analysis of Conduct Reports at JCI 
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NLCI 

Supplemental Tables 12, 13, and 14 show results from the gls() models predicting RH 

placements, Clinical Observation placements, and Conduct Reports, respectively. The CPS 

Program at NLCI was not associated with a significant change in the level or trend of RH 

placements (p’s > .18), Clinical Observation placements (p’s > .21), or Conduct Reports (p’s > 

.41). 

Supplemental Table 12 

 

Model output from model predicting RH placements at NLCI 

 

   SE CI t p 

(Intercept) 0.0163 0.0009 0.0145 – 0.0181 17.9267 <.001 

Time 0.0002 0.0000 0.0002 – 0.0003 10.2552 <.001 

CPS level 0.0010 0.0021 -0.0032 – 0.0051 0.4525 .65 

CPS trend 0.0004 0.0003 -0.0002 – 0.0009 1.3500 .18 

COVID level -0.0064 0.0017 -0.0098 – -0.0030 -3.7294 <.001 

COVID trend -0.0004 0.0001 -0.0006 – -0.0001 -2.7743 <.01 

 

Supplemental Table 13 

 

Model output from model predicting Clinical Observation placements at NCLI 

 

   SE CI t p 

(Intercept) 0.0027 0.0006 0.0015 – 0.0039 4.5122 <.001 

Time -0.00001 0.00001 -0.00003 – 0.00002 -0.4006 .69 

CPS level -0.0013 0.0018 -0.0048 – 0.0022 -0.7380 .46 

CPS trend -0.0002 0.0002 -0.0006 – 0.0001 -1.2517 .21 

COVID level -0.0016 0.0013 -0.0042 – 0.0010 -1.1936 .24 

COVID trend 0.0002 0.0001 -0.00003 – 0.0004 1.6484 .10 
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Supplemental Table 14 

 

Model output from model predicting Conduct Reports at NLCI 

 

   SE CI t p 

(Intercept) 0.1002 0.0108 0.0784 – 0.1221 9.2599 <.001 

Time 0.0025 0.0013 -0.0002 – 0.0052 1.8694 .07 

CPS level 0.0032 0.0124 -0.0218 – 0.0283 0.2621 .80 

CPS trend 0.0012 0.0014 -0.0017 – 0.0041 0.8297 .41 

COVID level 0.0118 0.0122 -0.0128 – 0.0364 0.9666 .34 

COVID trend -0.0026 0.0016 -0.0057 – 0.0006 -1.6461 .11 

 

REECC 

 Supplemental Tables 15 and 16 show results from the gls() models predicting RH 

placements and Conduct Reports placements, respectively. The CPS Program was not associated 

with a change in the level or trend of RH placements (p’s > .34). The CPS Program was not 

associated with a change in the level of Conduct Reports, but was associated with a significant 

decrease in the trend of Conduct Reports ( = -0.004, p = .04; Figure 35).  

Supplemental Table 15 

 

Model output from model predicting RH placements at REECC 

 

   SE CI t p 

(Intercept) 0.0199 0.0041 0.0119 – 0.0280 4.9098 <.001 

Time 0.0000 0.0001 -0.0001 – 0.0002 0.5279 .60 

CPS level -0.0072 0.0076 -0.0223 – 0.0079 -0.9429 .35 

CPS trend 0.0004 0.0013 -0.0022 – 0.0030 0.3129 .76 

COVID level 0.0006 0.0078 -0.0149 – 0.0160 0.0732 .94 

COVID trend -0.0003 0.0012 -0.0027 – 0.0020 -0.2667 .79 
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Supplemental Table 16 

 

Model output from model predicting Conduct Reports at REECC 

 

   SE CI t p 

(Intercept) 0.1949 0.0100 0.1747 – 0.2151 19.4528 <.001 

Time -0.0011 0.0012 -0.0036 – 0.0014 -0.8952 .38 

CPS level 0.0013 0.0107 -0.0202 – 0.0228 0.1206 .91 

CPS trend -0.0038 0.0018 -0.0075 – -0.0002 -2.1233 .04 

COVID level 0.0005 0.0121 -0.0239 – 0.0250 0.0439 .97 

COVID trend 0.0020 0.0022 -0.0025 – 0.0065 0.9011 .37 

 

Supplemental Figure 4 

 

Time Series analysis of Conduct Reports at REECC 
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RGCI 

Supplemental Tables 17, 18, and 19 show results from the gls() models predicting RH 

placements, Clinical Observation placements, and Conduct Reports, respectively. The CPS 

Program was not associated with a change in the level of RH placements (p = .15) but was 

associated with a significant increase in the trend of RH placements ( = 0.001 , p < .01; Figure 

36). The CPS program was not associated with a change in the level or trend of Clinical 

Observation placements (p’s > .64). However, the CPS Program was associated with a 

significant decrease in the level of Conduct Reports ( = -0.082, p < .001; Figure 37). 

Supplemental Table 17 

 

Model output from model predicting RH placements at RGCI 

 
  SE CI t p 

(Intercept) 0.0222 0.0016 0.0191 – 0.0253 14.0665 <.001 

Time 0.0001 0.00004 0.00002 – 0.0002 2.4184 .02 

CPS level -0.0069 0.0047 -0.0163 – 0.0025 -1.4495 .15 

CPS trend 0.0014 0.0005 0.0005 – 0.0024 2.9963 <.01 

COVID level 0.0034 0.0039 -0.0043 – 0.0112 0.8760 .38 

COVID trend -0.0008 0.0004 -0.0015 – -0.0001 -2.1616 .03 
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Supplemental Figure 5 

 

Time Series analysis of RH placements at RGCI 

 

 
 

Supplemental Table 18 

 

Model output from model predicting Clinical Observation placements at RGCI 

 

   SE CI t p 

(Intercept) 0.0023 0.0007 0.0010 – 0.0037 3.3477 .001 

Time 0.00005 0.00002 0.00002 – 0.0001 2.9160 <.01 

CPS level -0.0006 0.0019 -0.0044 – 0.0031 -0.3356 .74 

CPS trend 0.0001 0.0002 -0.0003 – 0.0005 0.4595 .65 

COVID level -0.0013 0.0016 -0.0045 – 0.0019 -0.8097 .42 

COVID trend -0.0001 0.0002 -0.0005 – 0.0002 -0.9326 .35 
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Supplemental Table 19 

 

Model output from model predicting Conduct Reports at RGCI 

 

   SE CI t p 

(Intercept) 0.1260 0.0154 0.0949 – 0.1571 8.1833 <.001 

Time 0.0007 0.0020 -0.0033 – 0.0046 0.3443 .73 

CPS level -0.0823 0.0180 -0.1188 – -0.0459 -4.5639 <.001 

CPS trend 0.0002 0.0018 -0.0035 – 0.0038 0.0887 .93 

COVID level 0.0380 0.0197 -0.0019 – 0.0778 1.9253 .06 

COVID trend 0.0005 0.0024 -0.0043 – 0.0052 0.1995 .84 

 

Supplemental Figure 6 

 

Time Series analysis of Conduct Reports at RGCI 

 

 
TCI 

 Supplemental Tables 20 and 21 show results from the gls() models predicting RH 

placements and Clinical Observation placements, respectively. The CPS Program was not 
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associated with a significant change in the level or trend of RH placements (p’s > .28) or Clinical 

Observation placements (p’s > .56). 

Supplemental Table 20 

 

Model output from model predicting RH placements at TCI 

 

   SE CI t p 

(Intercept) 0.0423 0.0010 0.0403 – 0.0443 41.8982 <.001 

Time 0.0000 0.0000 -0.0000 – 0.0001 0.5151 .61 

CPS level 0.0008 0.0028 -0.0048 – 0.0064 0.2749 .78 

CPS trend 0.0018 0.0017 -0.0016 – 0.0052 1.0666 .29 

COVID level -0.0033 0.0018 -0.0070 – 0.0003 -1.8015 .08 

COVID trend -0.0019 0.0017 -0.0053 – 0.0015 -1.0918 .28 

 

Supplemental Table 21 

 

Model output from model predicting Clinical Observation placements at TCI 

 

   SE CI t p 

(Intercept) 0.0177 0.0019 0.0138 – 0.0215 9.0865 <.001 

Time 0.0001 0.0000 0.0000 – 0.0002 2.4928 .01 

CPS level -0.0011 0.0128 -0.0264 – 0.0242 -0.0840 .93 

CPS trend 0.0045 0.0078 -0.0111 – 0.0200 0.5713 .57 

COVID level -0.0073 0.0066 -0.0205 – 0.0058 -1.1053 .27 

COVID trend -0.0049 0.0078 -0.0204 – 0.0107 -0.6228 .54 

 

Discussion of Aim 2 Supplemental Analyses 

 

Overall, four of the eight facilities showed a significant change in the number of RH 

placements, Clinical Observation placements, or Conduct Reports after the start of the CPS 

Program. FLCI showed a significant decrease in the trend of RH placements after the start of the 
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CPS Program. Interestingly, RGCI showed a significant increase in the trend of RH placements 

after the start of the CPS Program. Results concerning Conduct Reports were more mixed, with 

FLCI showing a significant increase in the mean number of Conduct Reports, JCI showing an 

immediate decrease in the number of, but then an increase in the trend of Conduct Reports, 

RGCI showing only an immediate decrease in the number of Conduct Reports but no change in 

the trend over time, and REECC showing a significant decrease in the trend of Conduct Reports.   

At FLCI, the start of the COVID-19 pandemic was associated with a sharp increase in 

RH placements, even after pre-COVID levels were relatively flat. However, the start of the CPS 

Program, in the middle of the COVID-19 pandemic, was associated with a significant decrease in 

the trend of RH placements. At RGCI, RH placements appeared to increase in their trend after 

the start of the CPS Program. However, this may reflect a “return to the mean,” as the start of the 

COVID-19 pandemic was associated with a sharp decrease in RH placements and the CPS 

Program did not begin until midway through the pandemic. 

As noted above, results concerning Conduct Reports were somewhat mixed. This may be 

due in part to the limited number of observations included in Conduct Report analyses (47 time 

points compared to 108 in the RH and Clinical Observation analyses). Additionally, all facilities 

that were included in Conduct Report analyses started their CPS Programs during the COVID-19 

pandemic, which likely influenced its implementation and the ability for CPS Clients to access 

CPS Providers during that time. Units were often locked down or movement was restricted 

between units to prevent the spread of infection, meaning CPS Providers may not have been able 

to reach as many individuals as would have been possible under normal circumstances. 

Anecdotal evidence suggests the main mechanism for the CPS Program reducing institution-

wide numbers of Conduct Reports is due to their ability to de-escalate situations with both their 
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assigned Peers and other residents they encounter (Pennsylvania DOC Staff, 2013). Limited 

contact outside of scheduled 1-on-1 meetings likely dampened this effect.  

 


